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ABSTRACT

Genome-wide association studies (GWAS) have identified variants associated with type
2 diabetes (T2D), but less than five percent of the genetic variance associated with T2D
is accounted for  in GWAS studies performed using T2D as endpoint. These findings
suggest relevance of assessing preceding quantitative traits (QTs) or sub-phenotypes
and their respective markers for contributing to the appearance of glycemic thresholds
defining T2D. The QTs first appear in gestation and childhood when birth weight and
childhood weight gain have an influence on T2D. Changes in fetal growth are associated
with metabolic programming for T2D in adulthood. Subsequently gains in body fat
leading to obesity, ectopic lipid deposition in liver and muscle, dyslipidemia and
hypertension express in the β-cells, hypothalamus, adipocytes, myocytes, liver and
kidney, and are associated with worsening insulin resistance and β-cell failure preceding
overt T2D. Obesity, an increasingly common trait is associated with gene variants that
regulate energy balance but have no association with T2D with few exceptions. For
instance, FTO gene variants are associated with early onset of obesity and have also
been associated with T2D and hypertension suggesting pleiotropism. Non-alcoholic fatty
liver disease (NAFLD) has an independent genetic background and is considered as a
new addition to the metabolic syndrome.  Association of NAFLD with dyslipidemia,
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cardiovascular disease and hepatic insulin resistance contributes to progression to T2D.
The classic dyslipidemia encountered in insulin resistant states consisting of increased
triglyceride, low high-density lipoprotein cholesterol (HDL-C) and molding of triglyceride-
containing lipoproteins to form atherogenic LDL particles and dysfunctional HDL
particles, has strong environmental and genetic association. In addition evidence is
accumulating to show that the abnormal lipoproteins have a direct effect on β-cells
leading to failure and possible acceleration of diabetes onset. Consequently known
variants affecting either the dyslipidemia or β-cell function have a compound effect on
T2D. Like other preceding traits the genetic background for commonly encountered
hypertension is independent of diabetes although it remains a predictive trait. However,
increasing evidence supports a role for the renin-angiotensin system in causing oxidative
stress and insulin resistance. Finally when glucose intolerance has progressed to overt
T2D, reversibility is usually no longer possible; therefore recognition of preceding pre-
diabetic glycemic thresholds and both their genetic and environmental associations may
facilitate and serve as signals for prevention. Thus a better understanding of the
sequential expression of the respective QTs and genetic variation affecting their
metabolic effects leading to T2D could initiate more effective prevention strategies.

Keywords: Genetics; diabetes; pre-diabetes; quantitative traits; fetal growth; obesity; non-
alcoholic fatty liver; hypertension.

1. INTRODUCTION

There is accumulating evidence that insulin resistance and associated traits, traditionally
known as the ‘metabolic syndrome’, precede β-cell failure by several years [1,2]. These
observations indicate that there is a window of time during which prediction markers could
be used for timely intervention and prevention of T2D. The window may extend further back
than adult life, since preceding traits have been identified in the fetus, child and adolescent;
consequently they affect early pathogenesis of T2D (Fig. 1). Although the age of onset for
risk factors has been decreasing, the likelihood of appearance of a risk factor increases with
age. This has been shown in epidemiologic and genetic studies, which have mostly been
conducted on adult populations over age 18 years, and usually age has been assessed as a
confounder in data analysis. Nevertheless, onset of common predisposing traits such as
obesity may represent more significant lifetime effects in childhood and adolescence than if
they presented later. Moreover, since components of the metabolic syndrome are often
present before the onset of T2D [3,4], it is important to recognize the commencement of the
respective quantitative traits (QTs) during gestation, and their persistence through childhood
to adulthood [5], leading to T2D [6]. However, it is interesting to observe from the genetic
studies that the respective sub-phenotype or trait-associated genetic variants do not usually
overlap with T2D variants suggesting relatively independent genetic backgrounds. These
findings suggest that shared interaction with lifestyle- and obesity-related environmental
factors is significant or that the traits themselves activate additional metabolic pathways
leading to T2D.
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Fig. 1. A sequence of pre-diabetic phenotypes interacting with genetic and epigenetic
effects begins in the fetus with effects of maternal gestational nutrition on genetic

endowment, affecting growth of the baby. Maternal malnutrition or fetal growth
restriction causes small babies, and maternal over-nutrition or hyperglycemia with

gestational diabetes results in large babies. During childhood exposure to nutritional
excess results in obesity associated with rapid catch-up fat deposition and weight

gain in small babies. The onset of obesity, dyslipidemia and non-alcoholic fatty liver
disease (NAFLD) occurs in children and adults and affect the β-cell resulting in insulin
deficiency. Muscle and liver fat storage and hypertension are associated with insulin

resistance but the biochemical relationships are complex and bidirectional. Both
insulin resistance and β-cell failure lead to T2D and may be compounded by

genetic variants

An analogy for the proposed model in which the genomic variation contributes to T2D is that
of a train with a sequence of coaches loaded with cargo in a city of origin for travel and
delivery of goods to a destination city (Fig. 2); but the goods are also delivered to towns en
route, for example tractors for a rural agricultural town, and boats for a coastal town. When
the train arrives at the destination the cargo from a significant number of the coaches has
been depleted. An economist is hired by the railroad company to assess the effect of the
initial load at the origin on the economy of the destination city over a ten year period.
However, he finds only a small association and fails to account for empty coaches on arrival.
Further investigation reveals that unloaded goods in five regions; for example tractors for
farmers and boats for fishermen, resulted in increased production in the respective regions
of the country. The resulting local produce resulted in substantially increased purchase and
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consumption in the destination city. When the environmental contributions from five rural and
coastal regions surrounding the stations for the two en route deliveries were accounted for,
the initial loading of the train was calculated to be highly effective despite the changes in
cargo and some empty coaches on arrival. This analogy based on indirect regional effects
on the final outcome argues to support that gene variant association based on a final T2D
phenotype such as overt diabetes may miss significant metabolic pathways and associated
environmental interactions that have determined the outcome – or the onset of T2D.

Fig. 2. Quantitative traits (QTs) with different genetic backgrounds precede and
predict T2D but seldom share gene variants (see text). The red line represents

connection of the genome to T2D and traits. Significant key genes are listed in each
box. Metabolic effects (blue lines) attributable to each trait are increased throughout
life, enhanced by the environment (small black arrows) and predict T2D onset. Pre-
diabetes precedes T2D, is influenced by environment and is potentially reversible.
Metabolic effects on β-cell function may have a compound effect on β-cell failure

since most of the T2D-associated variants affect β-cell metabolism. The analogy of a
train (see text) beginning at the station of origin, affecting each region en route, and

arriving at the destination (T2D), is indicated in parentheses to the left of the diagram
(large black arrows)

Since GWAS have only explained a small proportion of the genetic variance (up to 5%) - by
most estimates, it is reasonable to propose that separate QTs and their respective
biochemical effects preceding T2D onset may accelerate insulin resistance and β-cell failure
and account for an essential proportion of the variance that is missed in studies restricted to
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T2D as the only phenotype. This hypothesis is supported by findings that prediction models
based on clinical risk factors such as age, sex, race, parental history of T2D, BMI, mean
arterial pressure, fasting glucose, triglyceride and high-density lipoprotein cholesterol (HDL-
C, predicted T2D as well as a genotype score in the CARDIA study [7] and the same was
true for adolescents in the Bogalusa study when demographics, family history, physical
examination and routine biomarkers were used to predict T2D [8]. These findings suggest
that the clinical characteristics and biomarkers representing T2D-preceding traits have a
strong effect on T2D and therefore could add to or alter genetic factors associated with T2D.

The case for significant effects of preceding T2D traits is supported by evidence that
metabolic syndrome criteria in the Framingham Heart Study increased the 7- to 11-year risk
for T2D more than it increased risk for cardiovascular disease. Furthermore, the odds ratio
for T2D was proportionate to the number of criteria [9]. Also effects of the metabolic
syndrome can be independent of obesity. Non-obese individuals with the metabolic
syndrome had a 7-year cumulative incidence of T2D which was greater than obese
individuals without the metabolic syndrome, representing a metabolically healthy obese sub-
phenotype [10]. In this review we present current evidence for genetic determination of the
main pre-diabetic traits such as fetal growth, obesity, non-alcoholic fatty liver disease
(NAFLD), dyslipidemia, and hypertension during childhood and adolescence and how each
of them may activate metabolic pathways that lead to pre-diabetes and T2D. The evidence is
presented in support of the hypothesis that five traits with their respective QTs preceding the
hyperglycemic traits predict T2D despite distinct genetic backgrounds.  Table 1 summarizes
major known genes associated with each QT preceding T2D.

2. FETAL GROWTH: PROGRAMMING IN PREGNANCY

Over the past two decades,  there has been accumulating evidence to show a strong
relationship of low birth-weight (usually defined as <2.5 kg) to metabolic syndrome traits in
adulthood including obesity, hypertension and progression to T2D [11]. Based on initial
studies that showed a relationship of birth-weight to impaired glucose tolerance at age 64
years, Barker et al. [12] proposed the ‘thrifty phenotype’ hypothesis. It states that T2D and
metabolic syndrome traits result from the effects of poor nutrition in early life, which
produces permanent changes in glucose-insulin metabolism. Their pioneering work showed
a link between birth-weight and both diabetes and cardiovascular disease in adulthood. The
initial observations were well replicated, supporting the argument that fetal growth restriction
may result in permanent and progressive changes leading to T2D. It has also been shown
that subsequent increase in body mass index (BMI) of the children who were born small
predicts disease risk in adults. This suggests that risk is increased when infant nutrition
exceeds gestational nutrition but not when the nutritional supply is matched [13,14]; for
example weight gain in the first three months may determine insulin resistance as early as
adolescence [15] or late childhood [16]. Furthermore, fetal growth restriction by genetic or
nutritional causes could set the stage for the small baby to gain fat as the preferential tissue
resulting in a “catch-up fat” phenotype [17].
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Table 1. Established genetic determinants of the traits preceding type 2 diabetes

Trait Gene Chromo-
some

Entrez
Gene ID

Role

Fetal Growth
INS 11 p15.5 3630 Signaling hormone increases permeability to monosaccharides,

amino acids and fatty acids
INSR 19 p13.3 3643 Signaling hormone receptor tyrosine kinase
IPF1/PDX1 13q12.1 3651 Activates insulin, glucokinase, and glucose transporter T2D gene

transcription
KCNJ1 11q24.3 3758 Associated with Bartter syndrome characterized by salt wasting,

hypercalciuria, and low blood pressure
ABCC8 11p15.1 6833 Regulator of ATP-sensitive K(+) channels and insulin release
HNF1B 17q12 6928 Involved in diabetes syndrome and noninsulin-dependent diabetes

mellitus
ADCY5 3q21.1 111 Gene variants influence fasting glycemic traits and insulin resistance
HHEX-IDE 10q23.33 3087/3416 Transcription factor involved in hematopoietic differentiation,

pancreatic development and  insulin secretion
GCK 7p14 2645 Modulates insulin secretion, glycolysis, energy pathways
TCF7L2 10 q25.2 6934 Transcription regulator influences insulin secretion
HNF1A 12q24.31 6927 Regulates tissue-specific expression of genes especially in pancreatic

islets and liver
Obesity

FTO 16q12.2 79068 Severe obesity/insulin resistance
MC4R 18q21.32 4160 Member of G-protein coupled receptor  family, signaling hormone

involved in energy homoeostasis
PPARG 3p25.2 5468 Transcription factor involved in adipogenesis and type 2 diabetes risk
ADIPOQ 3q27.3 9370 Adipose tissue specific protein involved in insulin sensitizing  and

anti-atherosclerotic properties
LEPTIN 7q31.3 3952 Signaling hormone affects central nervous system to inhibit food

intake and energy expenditure
POMC 2p23.3 5443 Mutations in this gene linked with early onset obesity
SH2B1 16p11.2 25970 Obesity locus associated with myocardial infarction in T2D patients
BDNF 11p14.1 627 Development, survival and differentiation of selected neuronal

populations
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NAFLD*
ADIPOR2 12p13.31 79602 Hormone secreted by adipocytes and acts as an anti-diabetic factor
MTTP 4q23 4547 Catalyzes the transport of triglyceride, cholesterol ester, and

phospholipids between phospholipid surfaces
APOCIII 11q23.3 345 Inhibits lipoprotein lipase;  delays catabolism of triglyceride-rich

particles
PNPLA3 22q13.31 80339 Triacylglycerol lipase that mediates triacylglycerol hydrolysis in

adipocytes
Dyslipidemia

APOE-CI-CII-
CIV

19q13.32 2282 Cluster of triglyceride-rich lipoprotein receptor ligands for  LDL
receptor–related proteins

APOAV-AIV-
CIII-AI

11q23.3 117536 Cluster of apolipoproteins plays an important role in regulating the
plasma triglyceride levels

PCSK9 1p32.3 255738 Decreases plasma- and LDL- cholesterol and provides protection
from coronary artery disease

CETP 16q13 1071 Exchanges cholesterol esters for triglycerides from HDL and
triglyceride-rich lipoproteins

LCAT 16q22.1 3931 Required for remodeling HDL particles into their spherical forms
ABCA1 2p23.3 2646 Mutations in this gene cause Tangier disease and familial HDL

deficiency
Hypertension

WNK1 12p13.33 65125 A key regulator of blood pressure by controlling the transport of
sodium and chloride ions

KCNJ1 11q24.3 3758 Associated with Bartter syndrome characterized by salt wasting,
hypercalciuria, and low blood pressure

NPR3 5p13.3 4883 Regulate blood volume and pressure, pulmonary hypertension, and
cardiac function

GUCY1A3 4q32.1 2982 Regulate blood volume and Na+ balance
GNAS 20q13.32 4686 Involved as modulators or transducers in various transmembrane

signaling systems
NPPA-NPPB 1q36.22 9757 Associated with intracellular guanylyl cyclase activity and involved in

homeostasis of body fluid volume
CYP17A1 10q24.32 1586 Gene variants associated with hypertension
ARRDC3 5q14.3 57561 Gene variants associated with diastolic blood pressure
C21orf91 21q21.1 54149 Gene variants associated with hypertension
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Hyperglycemic
Traits
(Pre-T2D) GCKR 2p23.3 2646 Enzyme regulator, controls activity of glucokinase in liver and brain
Fasting
Glucose

G6PC2 2q24.3 57818 Transport channel, key role in glucose homeostasis

MTNR1B 11q21-q22 4544 Melatonin receptor regulates physiological and neuroendrocrine
functions

DGKB-
TMEM195

7p21.2 1607/392636 Plays a key role in cellular processes

GCK† 7p14 2645 Modulates insulin secretion, glycolysis, energy pathways
ADCY5 3q21.1 111 Gene variants influence fasting glycemic traits and insulin resistance
MADD 11p11.2 8567 Gene variants influence fasting glycemic traits and insulin resistance
CRY2 11p11.2 1408 Gene variants influence fasting glycemic traits  and insulin resistance
FADS1 11q12.2 3992 Gene variants influence fasting glycemic traits  and insulin resistance
GLIS3 9p24.2 169792 Gene variants affect fasting glucose and T2D
SLC2A2 3q26.1 6514 Plays role in human β-cell function  and impacts glycemic traits
PROX1 1q41 5629 Gene variants affect fasting glucose and insulin

2 hour Glucose GIPR 19q13.3 2696 Stimulate insulin release in the presence of elevated glucose
VPS13C 15q22.2 54832 Gene variants influence glycemic traits and insulin resistance

β-cell function
(T2D) TCF7L2 10 q25.2 6934 Transcription regulator influences insulin secretion

SLC30A8 8q24.11 169026 Facilitates transportation of zinc from cytoplasm into insulin
containing vesicles

IGF2BP2 3q27.2 10644 Regulatory enzyme influences insulin secretion
CDC123 10p13 8872 Involved in transcription regulation, insulin secretion
HHEX-IDE 10q23.33 3087 Transcription factor involved in hematopoietic differentiation,

pancreatic development, insulin secretion
CDKN2A/B 9p21.3 1029 Enzyme, anti-oncogene involved in pancreatic carcinomas, type 2

diabetes
KCNJ11 11 p15.1 3767 Ion channel transporter
KCNQ1 11p15.5 3784 Encodes a voltage gated K channel  required for repolarization phase

of the cardia action, associated with T2D
*NAFLD- Nonalcoholic fatty liver disease
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It is also evident that gestational weight gain of the mother is an independent predictor of
obesity during infancy, even occurring when the maternal pre-pregnancy weight is normal
[18]. Thus maternal weight gain during pregnancy predisposes the child to become obese
continuing to adulthood [19]. In addition exposure to high maternal glucose during gestation
can result in large babies giving rise to  observations that risk for T2D is determined by large
birth-weight; meaning that the  relationship of both low and high birth weight to subsequent
T2D can be characterized as bimodal [20].  Also, maternal fat intake during gestation
influences glucose tolerance of the offspring. Therefore it appears likely that excess
maternal nutrient supply, particularly as fat, may have long-term effects [21]. A review of
eleven animal models investigating glycemic control in offspring of mothers exposed to a
high fat diet during gestation has identified risk for T2D and obesity in the offspring. The
effect was stronger in males, and glucose intolerance was independent of maternal obesity,
birth-weight or post-weaning macronutrient intake [22]. Studies have shown that fetal
systems are also modulated by metabolic factors such as the hypoxic effect of changes in
blood supply, oxidative stress, DNA methylation, histone acetylation, transcription factors
and hormones such as cortisol, insulin and leptin. These factors could serve as a basis for
prevention, treatment and for further studies to determine interaction of the metabolic factors
with genotypes [23].  Epigenetic effects in the form of biochemical modification of DNA, such
as methylation, may not only occur in the fetus but continue in later life [24,25] and influence
traits such as NAFLD [26].

Evidence for a genetic background for fetal growth is increasing significantly supporting
possible interaction with gestational factors. Observation that mutations in the glucokinase
gene (GCK) resulted in reduced birth-weight gave rise to the hypothesis that rare variants
that modify insulin secretion or action could not only cause monogenic diabetes, but also low
birth-weight [27,28]. This has been supported by findings that reduced birth-weights occur
due to other known monogenic mutations causing early onset diabetes, such as INS, INSR,
IPF1, KCNJ11, ABCC8 and HNF1B [29-32]. GWAS on birth-weight has revealed
association of fetal loci near ADCY5, CDKAL1 and HHEX-IDE genes.   The same risk allele
at the ADCY5, associated with low birth-weight, also predisposes to T2D [33]. Incidentally,
the effects on fetal growth restriction can potentially be offset by maternal alleles at GCK and
TCF7L2 that result in reduced maternal insulin and consequent growth stimulation by fetal
hyperinsulinemia secondary to trans-placental passage of maternal glucose [33].  The
hyperglycemic effect on the fetus is known to interact with fetal HNF1A, a known maturity
onset diabetes of young (MODY) gene, resulting in earlier onset of the diabetes [34]. GWAS
conducted by the “Meta-Analyses of Glucose- and Insulin-related traits Consortium”
(MAGIC) has identified seven maternal loci associated with birth-weight accounting for a
similar proportion of variance to maternal smoking. Two of the loci, ADCY5 and CDKAL1
were replicated from previous studies [35] and predicted T2D supporting association of
common variants with fetal growth and subsequent metabolic events predisposing to T2D
[36]. However, due to possible population differences, the low birth-weight was not explained
by genetic variation in the ADCY5 in Asian Indians, although these variants were  associated
with elevated glucose and reduced  insulin response in early adulthood [37].

3. OBESITY

Obesity continues to be of great concern since the QTs associated with obesity have been
robust predictors of T2D and remain highly associated with metabolic events leading to T2D.
Although there is some leveling off in obesity trends in the United States [38], global trends
in overweight and obesity are increasing [39] with serious implications for health. Obesity is
often unrecognized and screening and treatments are generally inaccessible and often
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ineffective [40] accounting for secular changes in BMI in adults [41] and children [42]. This
leads to obesity-associated disease beginning in childhood [43] that progresses over time
[44] with increased loss of β-cell function and insulin resistance [45]. Associated metabolic
changes include ectopic fat deposition [46], fat-induced insulin resistance [47], β-cell
dysfunction [48], and endoplasmic reticulum stress leading to β-cell apoptosis [49,50]. Waist
circumference or BMI are strongly associated with insulin resistance [51] and are both highly
correlated however BMI has been used as an obesity trait in most genetic studies because
of its availability and widespread acceptance.

To explain the high heritability of obesity, it has been proposed that T2D results from an
array of “thrifty” genes that are latent in the normal state and efficiently store nutrients for
times of need [52]; but with constant nutritional excess over extended periods, dyslipidemia
and ectopic fat deposition in the liver and muscle lead to insulin resistance and diabetes
[47,53]. Constant and excessive nutritional excess common in modern cultures has
contributed to the world-wide escalation in obesity and subsequent T2D incidence by
interacting with the genetic backgrounds of the QTs for fetal growth, fatty liver disease,
dyslipidemia and hypertension, and their metabolic effects that lead to T2D as described in
this review. However, common genetic variation in very few obesity or T2D genes have been
identified to promote excess nutrient storage, suggesting that trait-specific metabolic
processes are primed to promote excessive nutrient storage, and subsequently lead to
dysfunctional carbohydrate homeostasis and fat metabolism. For example accumulation of
excessive diacylglycerol in the liver is associated with accumulation of liver and muscle fat
leading to defective insulin action [54], particularly in genetically susceptible populations
such as Asian Indian men [55].

Hypothalamic control of appetite has been associated with uncommon forms of monogenic
obesity, which have provided insight on mechanisms for the development of obesity in the
general population [56].  Studies on monogenic obesity cases and their families have led to
definition of metabolic pathways in animal models; in particular the leptin-melanocortin
pathway involved in satiation [57]. MC4R encoding the melanocortin-4 receptor, is the
commonest of the clinically occurring single gene defects associated with severe obesity
[58]. Furthermore it, is realistic to hypothesize that polymorphisms within these known genes
are involved in polygenic inheritance of obesity in the general population, since 60% of the
BMI variance within a population is accounted for by genetic variance [59]. A large BMI
GWAS conducted in 123,865 individuals using 2.8 million single nucleotide polymorphisms
(SNPs) and follow-up in significant numbers revealed 14 known obesity susceptibility loci
and identified 18 new loci [60]. Some of the variants near loci, such as MC4R, POMC,
SH2B1 and BDNF are known  hypothalamic regulators of energy balance and a locus near
GIPR, an incretin receptor present on β-cells, is regulated by intestinal incretins [60]. This
observation supports a predisposition to T2D with pleiotropic effects in the hypothalamus
and β-cell.

An intronic variant (rs9939609) in the FTO (fat mass and obesity-associated) gene was
found to be  associated with T2D, but the association was abolished when adjusting for BMI
suggesting that the FTO variant influences T2D by its effect on obesity, a powerful diabetes-
determining factor [61]. The association with obesity  has been confirmed in  longitudinal
studies in childhood [62,63] including a Dutch study showing  association with higher BMI,
fat mass index, and leptin concentrations during puberty but declining at ages 13-14 years, a
finding thought to be consistent with hormonal effects at pubertal onset [64]. The association
of severe obesity with FTO has been studied using a haplotype approach. Using linkage
disequilibrium (LD) block structure of a region surrounding the candidate FTO rs9939609
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SNP, a haplotype composed of a three SNP combination was shown to be associated with
severe obesity. The calculation of a risk score based on the haplotype yielded an attributable
risk of 34% for severe obesity suggesting that the approach has clinical use for examining
risk in predisposed families [65].

FTO mRNA is abundant in mouse hypothalamic nuclei and codes for 2-oxoglutarate-
dependent nucleic-acid demethylase, supporting a regulatory role in energy balance,
appetite and sympathetic outflow to the circulatory system [66]. The effects on obesity occur
early since they affect the rate of weight gain in African and European American youth (63),
consistent with the finding that high fat intake and low physical activity modify the association
between genetic variation in the FTO genotype and obesity [67]. Since rs9939609 in FTO
was initially associated with T2D, and phenotypic interactions appear to be diabetogenic, the
question has been further explored in a meta-analysis of South Asian populations. Obesity
QTs such as BMI and waist were associated  with FTO as was  seen in Europeans but the
association with T2D is only partly accounted for by BMI [68] suggesting that FTO has
pleiotropic effects.  This observation has been supported by a recent large-scale meta-
analyses study conducted on 96,551 individuals from East and South Asia confirming the
association of rs9939609 with T2D independent of obesity [69]. Also the FTO gene has been
associated with hypertension and obesity in adolescents within a French Canadian founder
population [70].

4. NON-ALCOHOLIC FATTY LIVER DISEASE (NAFLD)

There is a growing evidence to support that QTs representing NAFLD are also significant
pre-T2D phenotypes. NAFLD is also regarded as a new component of the metabolic
syndrome [71] with an independent genetic background. Predisposition to T2D is supported
by observations that liver fat is increased in T2D compared to equally obese non-diabetic
patients [72].  Also patients with NAFLD have insulin resistant adipose tissue and tend to
have higher rates of glucose intolerance which is associated with increased risk for T2D
[73,74]. The association of NAFLD with insulin resistance begins in childhood and
adolescence [75] and with increased visceral fat and low adiponectin in adolescence [76],
supporting association with adiponectin’s effects via adiponectin receptor 2 (ADIPOR2) in
three independent Finnish cohorts [77]. The association between insulin resistance and
NAFLD has been confirmed in a meta-analysis of 21 prospective population-based studies
of fatty liver disease diagnosed by liver ultrasonography [78]. Also there is evidence for
NAFLD progressing to T2D [79]. Excess storage of fat in the liver is associated with
activation of inflammation and production of cytokines, particularly IL-6 [80] , which may lead
to further insulin resistance activated  via signaling pathways such as toll-like receptors [81]
and possibly by the receptor activator of nuclear factor-kB [82]. Simple steatosis progresses
to inflammation with risk for cirrhosis and liver cancer (71) and is independently associated
with increased risk of coronary artery disease (CAD) [83].

Large sized VLDL has been observed in NAFLD in an adolescent population independent of
adiposity and insulin resistance, and the NMR (nuclear magnetic resonance) lipid profile was
characterized by small dense LDL and reduced number of large HDL particles [84], revealing
the association of NAFLD with a lipid profile predisposing to atherosclerosis in adults [85]
and with increased intima-media thickness (IMT) in adolescents [86]. These data suggest
pleiotropic effects, or alternatively, the effects arise from a biochemical cascade leading to
excessive hepatic fat storage, inflammation and lipoprotein abnormalities.
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Maturation of the VLDL particle in the golgi, at the stage when triglyceride is transferred to
apoB by microsomal triglyceride transfer protein encoded by MTTP, determines liver fat
storage and if defective may lead to NAFLD [87]. Carriers of the MTTP-493 G/T allele also
have a more atherogenic lipid profile [88], which may have a deleterious effect on β-cell
function [89]. Furthermore, the MTTP-I128T variant is associated with central obesity,
elevated liver enzymes in fatty liver disease with and without association with alcoholism
[90]. In addition, a manganese superoxide dismutase (MnSOD) variant was associated,
possibly working by reducing mitochondrial fatty acid oxidation. Genetic determinants of
VLDL formation and disposal may result in both atherosclerosis and fatty liver disease.
Asian Indian carriers of two APOC3 variant alleles (C-482T, T-455C, or both) had a 30%
increase in apoC-III levels and a 60% increase in triglyceride, as compared with the wild-
type homozygotes. The prevalence of NAFLD was 38% among variant-allele carriers
compared to 0% among wild-type homozygotes, and association with insulin resistance was
significant [91].  Furthermore, the apoC-III overexpression model is predisposed to diet-
induced hepatic steatosis and hepatic insulin resistance [92]. These observations are
explained by the role of apoC-III in increasing triglyceride-rich lipoproteins by two
mechanisms. It enhances hepatic VLDL assembly and inhibits VLDL lipolysis [93]. Missense
mutation in APOC3 gene within the C-terminal lipid binding domain results in impaired
assembly and secretion of VLDL providing evidence that apoC-III plays a role in the
formation of lipoproteins [94], whereas apoC-III non-competitively inhibits lipolysis by direct
interaction with lipoprotein lipase [95]. It is also of interest that the apoE2 isoform may
protect from development of NAFLD [96] supporting opposing effects of apoC-III and apoE,
as has been observed in studies on atherosclerosis [97].

A GWAS of 2111 participants of the Dallas Heart Study revealed a robust association of liver
fat defined by magnetic spectroscopy with the I148M allele of the PNPLA3 gene [98] and the
association was replicated in children and adolescents [99], when it may act jointly with
GCKR [100]. A meta-analysis of 16 studies showed association of PNPLA3 with disease
severity  with strong effect on more aggressive disease susceptibility indicated by  higher
inflammation indices and progression to fibrosis [101]. The gene PNPLA3 codes for patatin-
like phospholipase domain-containing protein 3, or adiponutrin, which plays a role in hepatic
triglyceride hydrolysis. It catalyzes conversion of lysophosphatidic acid into phosphatitidic
acid, an important regulatory reaction in lipid synthesis. Adiponutrin is up-regulated by
sucrose feeding in the mouse model and the PNPLA3 l148M variant results in increased
cellular lipid accumulation providing a plausible mechanism for its  impressive association
with NAFLD [102]. In addition to PNPLA3, diet-induced obesity increases adiponutrin
expression [103] which is associated with increased alanine transaminase, a marker of fatty
liver disease, in Europeans, Hispanics and Asian Indians [104,105]. The homozygous
carriers of the PNPLA3 I148M variant  showed increased fasting glucose levels [106], and
the PNPLA3 S453I allele was associated with lower hepatic fat content and was more
frequent in African Americans who had the lowest hepatic fat content, suggesting a
protective effect from NAFLD [98].

5. DYSLIPIDEMIA

The classic dyslipidemia associated with the metabolic syndrome not only precedes and
predicts T2D but abnormal LDL and HDL have biochemical associations with T2D
pathogenesis.  Insulin-resistant states such as obesity promote  increased triglyceride, low
HDL-cholesterol and molding of triglyceride-containing lipoproteins to form atherogenic LDL
particles and dysfunctional HDL particles particularly when there is increased abdominal fat
[107]. As in the case of other prediabetic traits, independent genetic determinants of
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dyslipidemia (discussed below) interact with nutritional excesses and obesity-generated
insulin resistance.

In vitro studies have shown that addition of LDL to human and rat islets decreases glucose-
stimulated insulin secretion and is attributed to cholesterol uptake by islet LDL receptors and
intracellular cholesterol-mediated toxicity [108]. Intracellular accumulation of cholesterol is
dependent on HDL-mediated cholesterol efflux via the ATP-binding cassette transporter A1
(ABCA1), which is rate-limiting supporting a critical protective role for HDL [109]. Further
studies have revealed that high cholesterol content in the β-cell membrane down-regulates
insulin secretion by influencing membrane depolarization, the signal for calcium influx and
calcium-mediated insulin secretion [110]. Since the classic dyslipidemia associated with the
metabolic syndrome precedes T2D onset by several years [6], the effect of low HDL is
operative over an extensive time period depending on the duration of low HDL.

In addition elevated triglyceride is associated with increased fatty acid levels, which enter the
β-cell, undergo glucose-dependent esterification resulting in lipotoxicity [111].  Since not all
obese individuals have elevated triglycerides, and non-obese cases can present with
elevated levels [112,113]. Genetic predisposition can account for abnormal levels and for
gene-environment interactions with obesity and dietary intake. Four commonly encountered
classic hypertriglyceridemia phenotypes (IIb, III, IV and V) originally described at the
National Institutes of Health have been characterized as having an elevated level of
triglyceride. Type III hyperlipidemia is an exception since it has a distinct monogenic
association with APOE polymorphism with homozygous effects of apoE2 isoform when the
individual becomes obese. The IIb, IV and V phenotypes were associated with common
variants  which  had previously been identified in GWAS performed on subjects with mild
triglyceride elevations [114]. Thus clinically relevant dyslipidemia with high triglyceride can
often be associated with common triglyceride-associated variants.  Homozygous expression
of rare variants such as APOAV and APOE , can result in severely increased triglyceride
[115]; severe cases were found to be carriers of APOAV variants, S19W or -1131 T>C.

The -455 T>C variant in the APOC3 gene promoter region is associated with increased
triglyceride levels. The -455C and -482T alleles, located in the insulin response element
(IRE),  fail to respond to insulin-mediated down-regulation via Foxo1 so that transcription
remains active and plasma apoC-III is increased [116]. This mechanism explains the
association of apoC-III levels in non-HDL lipoproteins with insulin resistance in children and
adolescents [117]. Since apoC-III transcription is activated in insulin resistance, increases in
plasma apoC-III and triglyceride [118] occur in insulin-resistant obesity. Since transfer
proteins and lipolytic enzymes mediate triglyceride and apoC-III transfer, there are
increases in the atherogenicity of both LDL [119] and HDL [120]. The finding that apoC-III
content of HDL predicts T2D [121] could be attributed to change in HDL function.
Furthermore the higher diabetes prediction in females [121] follows the appearance of higher
levels  of plasma apo-CIII relative to apoA-I in teenage girls possibly accounting for a higher
prevalence of T2D in young females than males [122]. In a multi-ethnic population sample,
the serum triglyceride levels were 20% higher among individuals carrying -455C, particularly
in females who were also shown to have low HDL-C [123]. Findings in GWAS and meta-
analysis studies have reported a strong association of common variants near the APOAV-
AIV-CIII-A1 gene cluster with serum triglycerides [124]. Furthermore, these variants affect
apoC-III and apoA-V, thus influencing triglyceride secretion as VLDL and its subsequent
disposal by lipoprotein lipase.
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It has long been known that cultural, environmental and hormonal factors determine HDL-C.
However,  a genetic component accounts for up to 76% of its variation [125], suggesting that
genetic variants may affect HDL regulation and expression of HDL-associated traits with
environmental interaction [126]. Regulatory genes involved in HDL metabolism mediated by
apoA-I, LCAT, endothelial lipase and ABCA1 have been associated with severe HDL
deficiencies [127], but only 20% of cases have mutations, and the population frequencies of
the major gene abnormalities are small. However,  association of these rare variants with
atherosclerosis  has been ambivalent [128], supporting a case for functional assays to
represent the HDL phenotype such as measures of cholesterol efflux [129].

Quantitative trait loci were found in 6p, 9q and 15q regions containing known candidate
genes [130], using apoA-I and HDL-C levels as QTs. Since the studies were done in a
predominantly American Indian population, the findings could lead to association of SNPs
with insulin resistant phenotypes including T2D [131].  The 15q region has been recognized
to have a significant interaction with diabetes, BMI, smoking, alcohol intake and gender
[132]. After serial adjustments, the LOD score increased from 1.75 to 4.52, supporting
multiple endogenous and environmental influences including obesity. The region contains
the gene for hepatic lipase suggesting that it has HDL-determining polymorphisms. A region
on 9q contains the ABCA1 gene coding for the cholesterol transporter regulating efflux from
cells to HDL. The gene was found to contain the ABCA1-C230 variant which  was
associated with low HDL-C in exclusively American Indian populations who have increased
risk for T2D [133]. This is important since carriers of loss of function mutations in ABCA1
display pancreatic β-cell dysfunction supporting a role for ABCA1 in removing cholesterol
from β-cells [134].

Susceptibility to changes in HDL composition and function occur in obesity in part due to
triglyceride elevation. Triglyceride-enrichment of HDL is mediated by cholesterol ester
transfer protein (CETP) and is followed by degradation of HDL by hepatic triglyceride lipase,
dissociation of apoA-I and subsequent renal catabolism [135]. It follows that in
hypertriglyceridemic conditions, CETP activity has an HDL-reducing role. Conversely, CETP
deficiency secondary to a gene defect results in extreme elevations in HDL-C [136], while
maintaining function. Consequently CETP inhibition is the basis for use of pharmaceutical
agents designed to raise HDL-C with encouraging recent trial results despite preceding
setbacks [137]. Genetic variation in the CETP gene has been studied for association with
variation in HDL-C in different populations [138,139]. A meta-analysis reported CETP
genotypes to be associated with moderate inhibition of CETP activity and inverse
association with cardiovascular disease but the findings are inconsistent [140]. Other studies
have reported greater risk associated with low CETP activity secondary to severe genetic
deficiency [141]. A recent prospective study from the community-based Framingham Heart
Study also reported greater cardiovascular risk with low CETP activity [142]. More recently it
has been shown that polymorphisms in the CETP promoter region determine activity. GWAS
in Caucasians has revealed association of the variant -2568 C/A (rs3764261) with HDL-C
and the finding has been replicated in different ethnic groups [143,144].

SNPs in the CETP promoter region (-2568 C/A, -1700 C/T), -998 A/G) and the well-known
non-coding SNP (397 A/G) identified as a restriction fragment (Taq1b) in the first intron,
were studied in the unique Sikh population of Northern India who are known to have a high
prevalence of T2D and cardiovascular disease despite much lower obesity rates [145]. The
-2568 C/A allele showed a strong association with increased HDL-C and decreased blood
pressure. Although none of the SNPs were individually associated with CETP activity, low
activity was associated with greater  risk for CAD and there was significant interaction
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between the CETP SNPs studied as haplotypes and CETP activity for affecting HDL-C [146].
These results suggest that more complete genotyping could serve to define individual risk
and response to therapies designed to raise HDL-C by inhibiting CETP.

Since fatty acids, LDL and HDL interact with the β-cell, it is possible that the levels and
functions interact with SNPs, which determine β-cell function and survival. If so, those
populations that have very high T2D incidence may be collectively predisposed by influx of
cholesterol, fatty acids and variants affecting β-cell metabolism. For example in the Khatri
Sikhs, four of six SNPs for the TCF7L2 gene and two variants within the KCNQ1 gene were
associated with T2D [147,148].  Three of the four TCF7L2 SNPs were associated with LDL-
C levels [147]. In separate studies the CDK5 gene contained an allele associated with
decreased HDL-C [149]. In addition a linkage scan of blood lipid phenotypes in diabetic
families from the same population has identified significant linkage signals for HDL-C at
10q21.2 and for LDL-C at 10p11.23 and 9q21.13 [150].

6. HYPERTENSION

The high heritability of blood pressure, ranging from 30-40% [151] and abundance of
evidence showing association of high blood pressure with insulin resistance [152] strongly
supports  its consideration as a pre-diabetes phenotype but with an independent genetic
background. This association is attributed to enhanced sympathetic nervous activity,
oxidative stress and enhanced renin-angiotensin-aldosterone system [152,153]. Angiotensin
II has a direct effect on increasing insulin resistance independent of alterations in blood flow
and interstitial insulin concentration [154], but angiotensin II-mediated oxidative stress may
play a role [155]. The TG (mREN2)27 rat, a monogenic model of both hypertension and
insulin resistance is characterized by locally elevated tissue angiotensin II levels and
impairment of the IRS-1-dependent insulin signaling pathway [156]. The insulin resistance is
reversible by selective inhibitors of angiotensin II at AT1 receptors [157].  Similar selective
antagonism using irbesartan, a clinically used AT1 receptor blocker (ARB) has been shown
to improve insulin action in the obese Zucker rat- associated with up-regulation of GLUT4
the main glucose transporter in skeletal muscle [158].

Given substantial experimental evidence for the renin-angiotensin system’s involvement in
hypertension, there has been interest in investigating association of common variants such
as ACE (angiotensin-converting enzyme) and AGT (angiotensinogen) with hypertension but
results have not been conclusive [159] and they have not been associated with T2D [160].
However variants in ACE and CYP11B2 genes have been associated with insulin resistance
in hypertensive families in Taiwan [161] Gene variants  in ACE, AGT, and AT1R predicted
T2D in a Tunisian population [162]. Data from the National Health and Nutrition Examination
Survey (NHANES) showed the prevalence of hypertension to be 40% in African Americans
compared to 27% in European Americans [163,164] leading to the hypothesis that part of
the excess burden in African Americans is due to genetic susceptibility [165]. GWAS and
candidate genes examined in the Candidate Gene Association Resource Consortium
consisting of 8591 African Americans identified novel associations for diastolic blood
pressure on chromosome 5 near GPR98 and ARRDC3 and for systolic blood pressure on
chromosome 21 in C21orf 91. However, none of these variants were associated with T2D
[165].

Interestingly, monogenic forms of hypertension have provided evidence for a regulatory role
of key metabolic pathways and have been the basis for candidate gene population studies
but none have involved carbohydrate metabolism or insulin action. Using such an approach,
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24-hour ambulatory blood pressure has been associated with five polymorphisms in the
KCNJ1 gene, which has the potential to cause Bartter Syndrome Type 2 when the abnormal
allele is inherited [166]. Also ambulatory blood pressure is associated with common
variations in the WNK1 gene known to cause pseudo-hypoaldosteronism Type 2 or Gordon
Syndrome. Association of WNK1 with blood pressure in childhood underscores its possible
association with evolving hypertension at young ages [167]. Additional association with
variants in CASR, NR3C2, SCNN1B and SCNN1B, all of which are known to have had
mutations causing rare Mendelian defects in blood pressure regulation, provide support for
the hypothesis that relevant polymorphisms influence conventional pathways involved in
blood pressure regulation [166]. However, GWAS has shown that only some of the
associations are in or close proximity to nearby genes involved in known hypertension-
related metabolic pathways, suggesting new pathways involved in hypertension. A  GWAS
performed by the International Consortium for Blood Pressure on 200,000 individuals of
European descent and identified sixteen loci of which only six contained genes that are
known or suspected to regulate blood pressure, which include NPR3, GUCY1A3-
GUCY1B3, ADM, GNAS-EDN3, NPPA-NPPB, CYP17A1 and their known metabolic roles
have been comprehensively reviewed [168]. CYP17A1 achieved the most robust GWAS
significance and is the site for a known Mendelian-inherited mutation causing hypertension
by increasing mineralocorticoids in the adrenal steroid pathway and causing a rare form of
congenital adrenal hyperplasia.

Clearly evidence from genetic association studies point to separate genetic backgrounds for
hypertension and T2D. However, secondary or primary activation of the renin-angiotensin
system is associated with insulin resistance and may predispose to insulin resistance
leading to T2D.

7. HYPERGLYCEMIC TRAITS

7.1 Pre T2D

The risk factors preceding T2D vary in sequence and in the number of components reflecting
both individual and population differences in inheritance and environments. However,
detectable changes in glucose-insulin metabolism precede T2D and have been studied as
QTs in genetic studies and as targets for reversal or prevention of T2D onset. Therefore
there has been interest not only in searching for genetic association but also in finding the
glucose levels which accurately reflect T2D and risk for T2D. Consequently, The American
Diabetes Association Expert Committee established  the impaired fasting glucose range as
100-125 mg/dl and impaired glucose tolerance levels after ingestion of a glucose load as
140-199 mg/dl [169]. These cut points were selected to facilitate early diagnosis of risk and
have subsequently been of great significance since the defined pre-diabetic state is
reversible by lifestyle [170], suggesting that differences in lifestyle could affect outcomes in
association studies.

HbA1c, the glycosylated fraction of hemoglobin, has also been useful in defining the pre-
diabetic state in population studies [171,172]. In an African American population with a
normal range from 3.3 to 6.4%, subjects in the upper tertile were found to have abnormalities
in insulin action but not β-cell secretion [173]. These findings support the use of HbA1c
levels in the upper ranges of normal as being pre-diabetic. Furthermore it has been
associated with other pre-diabetic traits constituting the metabolic syndrome [174].
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Approximately 60% of people who develop diabetes have either IGT (impaired glucose
tolerance) or IFG (impaired fasting glucose) about five years before T2D onset, with 40%
having normal glucose tolerance [175]. Some studies suggest that IGT is more strongly
associated with hypertension and dyslipidemia with worse cardiovascular outcomes [175].
Also, it is known that progression of IGT to T2D is potentially reversible with lifestyle [170].
Recognition of IFG as a distinct phenotype is important since it is associated with increased
gluconeogenesis rates. However, insulin-mediated glucose disappearance becomes
impaired in cases with IFG and IGT, who have also increased cardiovascular risk [176,177].
Association of IFG with NAFLD is reported in Chinese males [178,179]. IFG has been linked
to calpain 10 [180] and to CD36 [181] in patients with essential hypertension. The rs553668
of the ADRA2A gene predicts worsening of fasting glucose values in a pre-diabetic cohort
[182]. Variants associated with fasting glucose levels in the normoglycemic population such
as GCK, GCKR, G6PC2, MTNR1B and DGKB-TMEM195 [183], do not always influence risk
for T2D  (in contrast to TCF7L2 and SLC30A8), but their effect appears  confined to fasting
glucose homeostasis [184,185]. The data support recognition of early hyperglycemic
phenotypes derived from regulatory polymorphisms on the genes affecting interacting
pathways leading to T2D. Meta-analysis of 21 GWAS identified 9 new loci influencing fasting
blood glucose (ADCY5, MADD, ADRA2A, CRY2, FADS1, GLIS3, SLC2A2, PROX1 and
C2CD4B) but of these only ADCY5 and PROX1 was associated with T2D. These data
suggested that although there is overlap, the genetic background for fasting glucose is
different from that of T2D [186]. Similarly, the 2-hour glucose levels, after a standard oral
glucose load can be defined as a separate trait to T2D with overlap in the associated
variants. Meta-analysis identified new loci, GIPR and UPS13C, uniquely influencing 2-hour
glucose [187] supporting the hypothesis that there are separate glucose-related QTs
representing specific modes of carbohydrate metabolism [188].

7.2 T2D

Increased prevalence of T2D in adolescents over the past two decades has coincided with
an increase in adults with descending age of onset for both obesity and T2D [189].
Resistance to insulin action occurs in the liver, fat cell, and muscle, and respective pathways
may contribute to T2D [47]. Furthermore, longitudinal studies indicate association of insulin
resistance and obesity in youth with gender and ethnic-specific tracking of BMI, and lipids to
middle-age adulthood [190]. Not only is the metabolic syndrome a predictor of T2D [6,191],
but also the syndrome traits or QTs are associated with insulin resistance [192]. Also, the
prevalence of the metabolic syndrome increases with progression from normal glucose
tolerance to impaired glucose tolerance to onset of T2D when it often exceeds 60%
depending on the definition and study population [193,194]. Based on population studies and
animal models, it has been proposed that T2D has a progressive pathogenesis beginning
with insulin resistance and progressing to β-cell failure [195] and that it may involve several
genes, sometimes with significant interaction [196]. For example, using knock-out models
for both IRS-1 and the insulin receptor, it was shown that neither model alone had much
effect on diabetes onset but the combined effect resulted in more than 50% developing
diabetes at young ages [196].

Glucose cut points for the diagnosis of diabetes have been based on arbitrary glucose
thresholds. Based on evidence for a bimodal distribution, the National Diabetes Data Group
in the United States initially used the glucose levels that best distinguished overlapping
populations [197]. Two decades later it was observed that the levels appeared too high since
cases below the cut points developed retinopathy, consequently the American Diabetes
Association Expert Committee decreased the thresholds based on cross-sectional
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association between glucose levels and the development of retinopathy [198]. Accordingly, a
fasting glucose greater than or equal to 126 mg/dl and 2-hour post-glucose load level > 200
mg/dl have become cut points for diabetes. In addition, HbA1c is increasingly being
introduced as supportive diagnostic evidence for T2D [199] in addition to its use in defining
pre-diabetes (see above). Since it does not require fasting conditions and has become
generally available as a standardized assay with less inter-individual biologic variability than
glucose, it has potential for diagnostic use in clinics and for screening. However, conditions
that influence hemoglobin production or disposal influence the levels  and when used alone
can lead to missed diagnoses even when using a relatively high cut point of 6.5% [200].

Since the diagnosis of T2D has been based on glucose thresholds defining overt diabetes, it
is possible that variants determining β-cell function interact with secondary metabolic
derangements accounting for GWAS results since subjects are assessed at a point when the
β-cells are likely to be undergoing failure or cell death. This is supported by observations
that the majority of gene variants associated with T2D such as TCF7L2, CDKAL1,
CDKN2A/B, HHEX-IDE, IGF2BP2, SLC30A8, KCNJ11, WFS1, JAZF1, TSPAN8,
CD123/CAMK1D and MTNR1B, are implicated in β-cell functions such as glucose-stimulated
insulin secretion, incretin effects on β-cell stimulation, and proinsulin to insulin conversion
[201,202]. It also appears likely that many of the secondary events described for each of the
preceding phenotypes have significant effects on both insulin resistance and β-cell failure.

8. CONCLUSIONS

In the ongoing quest to identify measurable phenotypes or QTs to fully account for T2D
susceptibility, recognition of traits and their respective QTs preceding T2D may account for
interaction both at the gene level by gene-gene interaction and epigenetic modifications, and
at the pathway level as shown by disorders that are susceptible to environmental effects.
T2D-predisposing traits such as fetal growth restriction, obesity, NAFLD, dyslipidemia,
hypertension and early hyperglycemia constituting pre-diabetes, interact with environmental
factors and possibly confound gene association when T2D is the sole phenotype. Few trait-
associated genetic variants were identified to be linked with T2D in GWAS supporting a role
for primary and secondary metabolic events interacting with pathways involving insulin
resistance and insulin secretion. Early metabolic programming during gestation not only has
a genetic background but also is susceptible to metabolic and nutritional changes in the fetal
environment. Obesity, also known to have significant genetic background, is sensitive to
early environmental influences beginning during gestation and continuing in childhood to
adulthood; however obesity itself like the other phenotypes generates insulin resistance and
worsens dyslipidemia. NAFLD, associated with significantly increased hepatic fat synthesis
and storage, is associated with hepatic insulin resistance, a T2D predictor, suggesting that
liver-expressed variants may indirectly affect glucose intolerance and T2D.  The classic lipid
derangement observed in insulin resistance consisting of elevated triglyceride (often
associated with increased free fatty acid levels), small LDL particles in increased numbers,
and low HDL-C has significant association with insulin resistance and progression of β-cell
failure, and predicts T2D onset. Hypertension and T2D have separate genetic backgrounds.
However, primary and secondary activation of the renin-angiotensin system may predispose
to insulin resistance leading to T2D. This suggests that cross-sectional and prospective
clinical investigations beginning at early developmental phases could allow assessment of
more precise inter-relationships of phenotypes to each other, to T2D and to their respective
genetic backgrounds. To achieve this goal it will be necessary to understand overlapping
relationships of polymorphisms with the respective QTs for each phenotype and identify the
causal variants in the identified target genes by the use of functional models, gene
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expression studies during the lifespan, pleiotropism, gene-gene interactions, epigenetics,
and pathway interrelationships. In addition, clinical studies on natural history and
pharmacogenomics studies showing impact of genetic variation on treatment responses to
pharmacological agents are continuing to provide additional insights.

CONSENT

Not applicable.

ETHICAL APPROVAL

Not applicable.

ACKNOWLEDGEMENTS

This work was partly supported by NIH grants R01DK082766 (DKS) funded by the National
Institute of Diabetes and Digestive and Kidney Diseases, NOT-HG-11-009 (DKS)  funded by
National Genome Research Institute, and a VPR Bridge Grant (DKS) from University of
Oklahoma Health Sciences Center and a grant from The Harold Hamm Diabetes Center
(PRB).

COMPETING INTERESTS

Authors have declared that no competing interests exist.

REFERENCES

1. Mottillo S, Filion KB, Genest J, Joseph L, Pilote L, Poirier P, et al. The metabolic
syndrome and cardiovascular risk a systematic review and meta-analysis. Journal of
the American College of Cardiology. 2010;56(14):1113-32.

2. Ford ES, Schulze MB, Pischon T, Bergmann MM, Joost HG, Boeing H. Metabolic
syndrome and risk of incident diabetes: findings from the European Prospective
Investigation into Cancer and Nutrition-Potsdam Study. Cardiovasc Diabetol.
2008;7:35.

3. Alexander CM, Landsman PB, Teutsch SM, Haffner SM. NCEP-defined metabolic
syndrome, diabetes, and prevalence of coronary heart disease among NHANES III
participants age 50 years and older. Diabetes. 2003;52(5):1210-4.

4. Hsu CH. Different impacts of metabolic syndrome components on insulin resistance in
type 2 diabetes. Int J Endocrinol. 2013;2013: doi: 10.1155/2013/740419. Published on
line.

5. Morrison JA, Ford ES, Steinberger J. The pediatric metabolic syndrome. Minerva
Medica. 2008;99(3):269-87.

6. Ford ES, Li C, Sattar N. Metabolic syndrome and incident diabetes: current state of
the evidence. Diabetes Care. 2008;31(9):1898-904.

7. Vassy JL, Durant NH, Kabagambe EK, Carnethon MR, Rasmussen-Torvik LJ,
Fornage M, et al. A genotype risk score predicts type 2 diabetes from young
adulthood: the CARDIA study. Diabetologia. 2012;55(10):2604-12.

8. Vassy JL, Dasmahapatra P, Meigs JB, Schork NJ, Magnussen CG, Chen W, et al.
Genotype prediction of adult type 2 diabetes from adolescence in a multiracial
population. Pediatrics. 2012;130(5):e1235-42.



British Journal of Medicine & Medical Research, 4(2): 590-620, 2014

609

9. Wilson PW, D'Agostino RB, Parise H, Sullivan L, Meigs JB. Metabolic syndrome as a
precursor of cardiovascular disease and type 2 diabetes mellitus. Circulation.
2005;112(20):3066-72.

10. Meigs JB, Wilson PW, Fox CS, Vasan RS, Nathan DM, Sullivan LM, et al. Body mass
index, metabolic syndrome, and risk of type 2 diabetes or cardiovascular disease. J
Clin Endocrinol Metab. 2006;91(8):2906-12.

11. Chernausek SD. Update: consequences of abnormal fetal growth. J Clin Endocrinol
Metab. 2012;97(3):689-95.

12. Hales CN, Barker DJ. Type 2 (non-insulin-dependent) diabetes mellitus: the thrifty
phenotype hypothesis. Diabetologia. 1992;35(7):595-601.

13. Eriksson J, Forsen T, Tuomilehto J, Osmond C, Barker D. Fetal and childhood growth
and hypertension in adult life. Hypertension. 2000;36(5):790-4.

14. Forsen T, Eriksson J, Tuomilehto J, Reunanen A, Osmond C, Barker D. The fetal and
childhood growth of persons who develop type 2 diabetes. Ann Intern Med.
2000;133(3):176-82.

15. Fabricius-Bjerre S, Jensen RB, Faerch K, Larsen T, Molgaard C, Michaelsen KF, et al.
Impact of birth weight and early infant weight gain on insulin resistance and associated
cardiovascular risk factors in adolescence. PLoS One. 2011;6(6):e20595.

16. Barker DJ, Eriksson JG, Forsen T, Osmond C. Fetal origins of adult disease: strength
of effects and biological basis. Int J Epidemiol. 2002;31(6):1235-9.

17. Dulloo AG, Jacquet J, Seydoux J, Montani JP. The thrifty 'catch-up fat' phenotype: its
impact on insulin sensitivity during growth trajectories to obesity and metabolic
syndrome. Int J Obes (Lond). 2006;30(Suppl 4):S23-35.

18. Dello Russo M, Ahrens W, De Vriendt T, Marild S, Molnar D, Moreno LA, et al.
Gestational weight gain and adiposity, fat distribution, metabolic profile, and blood
pressure in offspring: the IDEFICS project. Int J Obes (Lond); 2013. doi:
10.1038/ijo.2013.35. [Epub ahead of print].

19. Schack-Nielsen L, Michaelsen KF, Gamborg M, Mortensen EL, Sorensen TI.
Gestational weight gain in relation to offspring body mass index and obesity from
infancy through adulthood. Int J Obes (Lond). 2010;34(1):67-74.

20. Tamashiro KL, Moran TH. Perinatal environment and its influences on metabolic
programming of offspring. Physiol Behav. 2010;100(5):560-6.

21. Dabelea D, Pettitt DJ. Intrauterine diabetic environment confers risks for type 2
diabetes mellitus and obesity in the offspring, in addition to genetic susceptibility. J
Pediatr Endocrinol Metab. 2001;14(8):1085-91.

22. Ainge H, Thompson C, Ozanne SE, Rooney KB. A systematic review on animal
models of maternal high fat feeding and offspring glycaemic control. Int J Obes (Lond).
2011;35(3):325-35.

23. Sebert S, Sharkey D, Budge H, Symonds ME. The early programming of metabolic
health: is epigenetic setting the missing link? The American Journal of Clinical
Nutrition. 2011;94(6 Suppl):1953S-8S.

24. Sinclair KD, Allegrucci C, Singh R, Gardner DS, Sebastian S, Bispham J, et al. DNA
methylation, insulin resistance, and blood pressure in offspring determined by
maternal periconceptional B vitamin and methionine status. Proc Natl Acad Sci USA.
2007;104(49):19351-6.

25. Gemma C, Sookoian S, Dieuzeide G, Garcia SI, Gianotti TF, Gonzalez CD, et al.
Methylation of TFAM gene promoter in peripheral white blood cells is associated with
insulin resistance in adolescents. Molecular Genetics and Metabolism.
2010;100(1):83-7.



British Journal of Medicine & Medical Research, 4(2): 590-620, 2014

610

26. Sookoian S, Rosselli MS, Gemma C, Burgueno AL, Fernandez Gianotti T, Castano
GO, et al. Epigenetic regulation of insulin resistance in nonalcoholic fatty liver disease:
impact of liver methylation of the peroxisome proliferator-activated receptor gamma
coactivator 1alpha promoter. Hepatology. 2010;52(6):1992-2000.

27. Hattersley AT, Beards F, Ballantyne E, Appleton M, Harvey R, Ellard S. Mutations in
the glucokinase gene of the fetus result in reduced birth weight. Nat Genet.
1998;19(3):268-70.

28. Hattersley AT, Tooke JE. The fetal insulin hypothesis: an alternative explanation of the
association of low birthweight with diabetes and vascular disease. Lancet.
1999;353(9166):1789-92.

29. Stoy J, Edghill EL, Flanagan SE, Ye H, Paz VP, Pluzhnikov A, et al. Insulin gene
mutations as a cause of permanent neonatal diabetes. Proc Natl Acad Sci USA.
2007;104(38):15040-4.

30. Edghill EL, Bingham C, Slingerland AS, Minton JA, Noordam C, Ellard S, et al.
Hepatocyte nuclear factor-1 beta mutations cause neonatal diabetes and intrauterine
growth retardation: support for a critical role of HNF-1beta in human pancreatic
development. Diabet Med. 2006;23(12):1301-6.

31. Slingerland AS, Hattersley AT. Activating mutations in the gene encoding Kir6.2 alter
fetal and postnatal growth and also cause neonatal diabetes. J Clin Endocrinol Metab.
2006;91(7):2782-8.

32. Babenko AP, Polak M, Cave H, Busiah K, Czernichow P, Scharfmann R, et al.
Activating mutations in the ABCC8 gene in neonatal diabetes mellitus. N Engl J Med.
2006;355(5):456-66.

33. Yaghootkar H, Freathy RM. Genetic origins of low birth weight. Curr Opin Clin Nutr
Metab Care. 2012;15(3):258-64.

34. Stride A, Shepherd M, Frayling TM, Bulman MP, Ellard S, Hattersley AT. Intrauterine
hyperglycemia is associated with an earlier diagnosis of diabetes in HNF-1alpha gene
mutation carriers. Diabetes Care. 2002;25(12):2287-91.

35. Freathy RM, Bennett AJ, Ring SM, Shields B, Groves CJ, Timpson NJ, et al. Type 2
diabetes risk alleles are associated with reduced size at birth. Diabetes.
2009;58(6):1428-33.

36. Horikoshi M, Yaghootkar H, Mook-Kanamori DO, Sovio U, Taal HR, Hennig BJ, et al.
New loci associated with birth weight identify genetic links between intrauterine growth
and adult height and metabolism. Nat Genet. 2013;45(1):76-82.

37. Vasan SK, Neville MJ, Antonisamy B, Samuel P, Fall CH, Geethanjali FS, et al.
Absence of birth-weight lowering effect of ADCY5 and near CCNL, but association of
impaired glucose-insulin homeostasis with ADCY5 in Asian Indians. PLoS One.
2011;6(6):e21331.

38. Flegal KM, Carroll MD, Ogden CL, Curtin LR. Prevalence and trends in obesity among
US adults, 1999-2008. JAMA. 2010;303(3):235-41.

39. Stevens GA, Singh GM, Lu Y, Danaei G, Lin JK, Finucane MM, et al. National,
regional, and global trends in adult overweight and obesity prevalences. Popul Health
Metr. 2012;10(1):22.

40. Wang Y, Lobstein T. Worldwide trends in childhood overweight and obesity. Int J
Pediatr Obes. 2006;1(1):11-25.

41. Flegal KM, Carroll MD, Ogden CL, Johnson CL. Prevalence and trends in obesity
among US adults, 1999-2000. Jama. 2002;288(14):1723-7.

42. Ogden CL, Carroll MD, Kit BK, Flegal KM. Prevalence of obesity and trends in body
mass index among US children and adolescents, 1999-2010. Jama. 2012;307(5):483-
90.



British Journal of Medicine & Medical Research, 4(2): 590-620, 2014

611

43. Weiss R, Dziura J, Burgert TS, Tamborlane WV, Taksali SE, Yeckel CW, et al.
Obesity and the metabolic syndrome in children and adolescents. N Engl J Med.
2004;350(23):2362-74.

44. Weiss R, Shaw M, Savoye M, Caprio S. Obesity dynamics and cardiovascular risk
factor stability in obese adolescents. Pediatr Diabetes. 2009;10(6):360-7.

45. Gungor N, Bacha F, Saad R, Janosky J, Arslanian S. Youth type 2 diabetes: insulin
resistance, beta-cell failure, or both? Diabetes Care. 2005;28(3):638-44.

46. Cali AM, Caprio S. Ectopic fat deposition and the metabolic syndrome in obese
children and adolescents. Horm Res. 2009;71(Suppl 1):2-7.

47. Samuel VT, Petersen KF, Shulman GI. Lipid-induced insulin resistance: unravelling
the mechanism. Lancet. 2010;375(9733):2267-77.

48. Boden G, Shulman GI. Free fatty acids in obesity and type 2 diabetes: defining their
role in the development of insulin resistance and beta-cell dysfunction. Eur J Clin
Invest. 2002;32(Suppl 3):14-23.

49. Cui W, Ma J, Wang X, Yang W, Zhang J, Ji Q. Free Fatty Acid Induces Endoplasmic
Reticulum Stress and Apoptosis of beta-cells by Ca(2+)/Calpain-2 Pathways. PLoS
One. 2013;8(3):e59921.

50. Kharroubi I, Ladriere L, Cardozo AK, Dogusan Z, Cnop M, Eizirik DL. Free fatty acids
and cytokines induce pancreatic beta-cell apoptosis by different mechanisms: role of
nuclear factor-kappaB and endoplasmic reticulum stress. Endocrinology.
2004;145(11):5087-96.

51. Farin HM, Abbasi F, Reaven GM. Body mass index and waist circumference both
contribute to differences in insulin-mediated glucose disposal in nondiabetic adults.
Am J Clin Nutr. 2006;83(1):47-51.

52. Neel JV. The "thrifty genotype" in 1998. Nutrition reviews. 1999;57(5 Pt 2):S2-9.
53. Shulman GI. Cellular mechanisms of insulin resistance. J Clin Invest.

2000;106(2):171-6.
54. Kumashiro N, Erion DM, Zhang D, Kahn M, Beddow SA, Chu X, et al. Cellular

mechanism of insulin resistance in nonalcoholic fatty liver disease. Proc Natl Acad Sci
USA. 2011;108(39):16381-5.

55. Petersen KF, Dufour S, Feng J, Befroy D, Dziura J, Dalla Man C, et al. Increased
prevalence of insulin resistance and nonalcoholic fatty liver disease in Asian-Indian
men. Proc Natl Acad Sci USA. 2006;103(48):18273-7.

56. Farooqi IS, O'Rahilly S. Genetic factors in human obesity. Obes Rev. 2007;8(Suppl-
1):37-40.

57. Farooqi IS, O'Rahilly S. New advances in the genetics of early onset obesity. Int J
Obes (Lond). 2005;29(10):1149-52.

58. Farooqi IS, Keogh JM, Yeo GS, Lank EJ, Cheetham T, O'Rahilly S. Clinical spectrum
of obesity and mutations in the melanocortin 4 receptor gene. N Engl J Med.
2003;348(12):1085-95.

59. Stunkard AJ, Harris JR, Pedersen NL, McClearn GE. The body-mass index of twins
who have been reared apart. N Engl J Med. 1990;322(21):1483-7.

60. Speliotes EK, Willer CJ, Berndt SI, Monda KL, Thorleifsson G, Jackson AU, et al.
Association analyses of 249,796 individuals reveal 18 new loci associated with body
mass index. Nat Genet. 2010;42(11):937-48.

61. Frayling TM, Timpson NJ, Weedon MN, Zeggini E, Freathy RM, Lindgren CM, et al. A
common variant in the FTO gene is associated with body mass index and predisposes
to childhood and adult obesity. Science. 2007;316(5826):889-94.

62. Hallman DM, Friedel VC, Eissa MA, Boerwinkle E, Huber JC, Jr., Harrist RB, et al. The
association of variants in the FTO gene with longitudinal body mass index profiles in
non-Hispanic white children and adolescents. Int J Obes (Lond). 2011;36(1):61-8.



British Journal of Medicine & Medical Research, 4(2): 590-620, 2014

612

63. Liu G, Zhu H, Dong Y, Podolsky RH, Treiber FA, Snieder H. Influence of common
variants in FTO and near INSIG2 and MC4R on growth curves for adiposity in African-
and European-American youth. European journal of epidemiology. 2011;26(6):463-73.

64. Rutters F, Nieuwenhuizen AG, Bouwman F, Mariman E, Westerterp-Plantenga MS.
Associations between a single nucleotide polymorphism of the FTO Gene (rs9939609)
and obesity-related characteristics over time during puberty in a Dutch children cohort.
J Clin Endocrinol Metab. 2011;96(6):E939-42.

65. Gonzalez JR, Gonzalez-Carpio M, Hernandez-Saez R, Serrano Vargas V, Torres
Hidalgo G, Rubio-Rodrigo M, et al. FTO Risk Haplotype Among Early Onset and
Severe Obesity Cases in a Population of Western Spain. Obesity (Silver Spring).
2011;20(4):909-15.

66. Gerken T, Girard CA, Tung YC, Webby CJ, Saudek V, Hewitson KS, et al. The
obesity-associated FTO gene encodes a 2-oxoglutarate-dependent nucleic acid
demethylase. Science. 2007;318(5855):1469-72.

67. Sonestedt E, Roos C, Gullberg B, Ericson U, Wirfalt E, Orho-Melander M. Fat and
carbohydrate intake modify the association between genetic variation in the FTO
genotype and obesity. Am J Clin Nutr. 2009;90(5):1418-25.

68. Rees SD, Islam M, Hydrie MZ, Chaudhary B, Bellary S, Hashmi S, et al. An FTO
variant is associated with Type 2 diabetes in South Asian populations after accounting
for body mass index and waist circumference. Diabet Med. 2011;28(6):673-80.

69. Li H, Kilpelainen TO, Liu C, Zhu J, Liu Y, Hu C, et al. Association of genetic variation
in FTO with risk of obesity and type 2 diabetes with data from 96,551 East and South
Asians. Diabetologia. 2012;55(4):981-95.

70. Pausova Z, Syme C, Abrahamowicz M, Xiao Y, Leonard GT, Perron M, et al. A
common variant of the FTO gene is associated with not only increased adiposity but
also elevated blood pressure in French Canadians. Circ Cardiovasc Genet.
2009;2(3):260-9.

71. Kotronen A, Yki-Jarvinen H. Fatty liver: a novel component of the metabolic syndrome.
Arterioscler Thromb Vasc Biol. 2008;28(1):27-38.

72. Kotronen A, Juurinen L, Hakkarainen A, Westerbacka J, Corner A, Bergholm R, et al.
Liver fat is increased in type 2 diabetic patients and underestimated by serum alanine
aminotransferase compared with equally obese nondiabetic subjects. Diabetes Care.
2008;31(1):165-9.

73. Ortiz-Lopez C, Lomonaco R, Orsak B, Finch J, Chang Z, Kochunov VG, et al.
Prevalence of prediabetes and diabetes and metabolic profile of patients with
nonalcoholic fatty liver disease (NAFLD). Diabetes Care. 2012;35(4):873-8.

74. Lomonaco R, Ortiz-Lopez C, Orsak B, Webb A, Hardies J, Darland C, et al. Effect of
adipose tissue insulin resistance on metabolic parameters and liver histology in obese
patients with nonalcoholic fatty liver disease. Hepatology. 2012;55(5):1389-97.

75. Ciba I, Widhalm K. The association between non-alcoholic fatty liver disease and
insulin resistance in 20 obese children and adolescents. Acta Paediatr.
2007;96(1):109-12.

76. Burgert TS, Taksali SE, Dziura J, Goodman TR, Yeckel CW, Papademetris X, et al.
Alanine aminotransferase levels and fatty liver in childhood obesity: associations with
insulin resistance, adiponectin, and visceral fat. J Clin Endocrinol Metab.
2006;91(11):4287-94.

77. Kotronen A, Yki-Jarvinen H, Aminoff A, Bergholm R, Pietilainen KH, Westerbacka J, et
al. Genetic variation in the ADIPOR2 gene is associated with liver fat content and its
surrogate markers in three independent cohorts. Eur J Endocrinol. 2009;160(4):593-
602.



British Journal of Medicine & Medical Research, 4(2): 590-620, 2014

613

78. Fraser A, Harris R, Sattar N, Ebrahim S, Davey Smith G, Lawlor DA. Alanine
aminotransferase, gamma-glutamyltransferase, and incident diabetes: the British
Women's Heart and Health Study and meta-analysis. Diabetes Care. 2009;32(4):741-
50.

79. Ekstedt M, Franzen LE, Mathiesen UL, Thorelius L, Holmqvist M, Bodemar G, et al.
Long-term follow-up of patients with NAFLD and elevated liver enzymes. Hepatology.
2006;44(4):865-73.

80. Kumar R, Prakash S, Chhabra S, Singla V, Madan K, Gupta SD, et al. Association of
pro-inflammatory cytokines, adipokines & oxidative stress with insulin resistance &
non-alcoholic fatty liver disease. Indian J Med Res. 2012;136(2):229-36.

81. Petrasek J, Csak T, Szabo G. Toll-like receptors in liver disease. Adv Clin Chem.
2013;59:155-201.

82. Kiechl S, Wittmann J, Giaccari A, Knoflach M, Willeit P, Bozec A, et al. Blockade of
receptor activator of nuclear factor-kappaB (RANKL) signaling improves hepatic
insulin resistance and prevents development of diabetes mellitus. Nat Med.
2013;19(3):358-63.

83. Targher G, Day CP, Bonora E. Risk of cardiovascular disease in patients with
nonalcoholic fatty liver disease. N Engl J Med. 2010;363(14):1341-50.

84. Cali AM, Zern TL, Taksali SE, de Oliveira AM, Dufour S, Otvos JD, et al. Intrahepatic
fat accumulation and alterations in lipoprotein composition in obese adolescents: a
perfect proatherogenic state. Diabetes Care. 2007;30(12):3093-8.

85. Targher G, Arcaro G. Non-alcoholic fatty liver disease and increased risk of
cardiovascular disease. Atherosclerosis. 2007;191(2):235-40.

86. Pacifico L, Cantisani V, Ricci P, Osborn JF, Schiavo E, Anania C, et al. Nonalcoholic
fatty liver disease and carotid atherosclerosis in children. Pediatric research.
2008;63(4):423-7.

87. Sparks JD, Sparks CE. Overindulgence and metabolic syndrome: is FoxO1 a missing
link? J Clin Invest. 2008;118(6):2012-5.

88. Gambino R, Cassader M, Pagano G, Durazzo M, Musso G. Polymorphism in
microsomal triglyceride transfer protein: a link between liver disease and atherogenic
postprandial lipid profile in NASH? Hepatology. 2007;45(5):1097-107.

89. Musso G, Gambino R, Cassader M. Lipoprotein metabolism mediates the association
of MTP polymorphism with beta-cell dysfunction in healthy subjects and in nondiabetic
normolipidemic patients with nonalcoholic steatohepatitis. The Journal of nutritional
biochemistry. 2010;21(9):834-40.

90. Jun DW, Han JH, Jang EC, Kim SH, Jo YJ, Park YS, et al. Polymorphisms of
microsomal triglyceride transfer protein gene and phosphatidylethanolamine N-
methyltransferase gene in alcoholic and nonalcoholic fatty liver disease in Koreans.
Eur J Gastroenterol Hepatol. 2009;21(6):667-72.

91. Petersen KF, Dufour S, Hariri A, Nelson-Williams C, Foo JN, Zhang XM, et al.
Apolipoprotein C3 gene variants in nonalcoholic fatty liver disease. N Engl J Med.
2010;362(12):1082-9.

92. Lee HY, Birkenfeld AL, Jornayvaz FR, Jurczak MJ, Kanda S, Popov V, et al.
Apolipoprotein CIII overexpressing mice are predisposed to diet-induced hepatic
steatosis and hepatic insulin resistance. Hepatology. 2011;54(5):1650-60.

93. Taskinen MR, Adiels M, Westerbacka J, Soderlund S, Kahri J, Lundbom N, et al. Dual
metabolic defects are required to produce hypertriglyceridemia in obese subjects.
Arterioscler Thromb Vasc Biol. 2011;31(9):2144-50.



British Journal of Medicine & Medical Research, 4(2): 590-620, 2014

614

94. Qin W, Sundaram M, Wang Y, Zhou H, Zhong S, Chang CC, et al. Missense mutation
in APOC3 within the C-terminal lipid binding domain of human ApoC-III results in
impaired assembly and secretion of triacylglycerol-rich very low density lipoproteins:
evidence that ApoC-III plays a major role in the formation of lipid precursors within the
microsomal lumen. J Biol Chem. 2011;286(31):27769-80.

95. Wang CS, McConathy WJ, Kloer HU, Alaupovic P. Modulation of lipoprotein lipase
activity by apolipoproteins. Effect of apolipoprotein C-III. J Clin Invest. 1985;75(2):384-
90.

96. Demirag MD, Onen HI, Karaoguz MY, Dogan I, Karakan T, Ekmekci A, et al.
Apolipoprotein E gene polymorphism in nonalcoholic fatty liver disease. Dig Dis Sci.
2007;52(12):3399-403.

97. Tomiyasu K, Walsh BW, Ikewaki K, Judge H, Sacks FM. Differential metabolism of
human VLDL according to content of ApoE and ApoC-III. Arterioscler Thromb Vasc
Biol. 2001;21(9):1494-500.

98. Romeo S, Kozlitina J, Xing C, Pertsemlidis A, Cox D, Pennacchio LA, et al. Genetic
variation in PNPLA3 confers susceptibility to nonalcoholic fatty liver disease. Nat
Genet. 2008;40(12):1461-5.

99. Romeo S, Sentinelli F, Cambuli VM, Incani M, Congiu T, Matta V, et al. The 148M
allele of the PNPLA3 gene is associated with indices of liver damage early in life.
Journal of Hepatology. 2010;53(2):335-8.

100. Santoro N, Zhang CK, Zhao H, Pakstis AJ, Kim G, Kursawe R, et al. Variant in the
glucokinase regulatory protein (GCKR) gene is associated with fatty liver in obese
children and adolescents. Hepatology. 2012;55(3):781-9.

101. Sookoian S, Pirola CJ. Meta-analysis of the influence of I148M variant of patatin-like
phospholipase domain containing 3 gene (PNPLA3) on the susceptibility and
histological severity of nonalcoholic fatty liver disease. Hepatology. 2011;53(6):1883-
94.

102. Kumari M, Schoiswohl G, Chitraju C, Paar M, Cornaciu I, Rangrez AY, et al.
Adiponutrin functions as a nutritionally regulated lysophosphatidic acid
acyltransferase. Cell Metab. 2012;15(5):691-702.

103. Oliver P, Caimari A, Diaz-Rua R, Palou A. Diet-induced obesity affects expression of
adiponutrin/PNPLA3 and adipose triglyceride lipase, two members of the same family.
Int J Obes. 2012;36(2):225-32.

104. Romeo S, Sentinelli F, Dash S, Yeo GS, Savage DB, Leonetti F, et al. Morbid obesity
exposes the association between PNPLA3 I148M (rs738409) and indices of hepatic
injury in individuals of European descent. Int J Obes (Lond). 2010;34(1):190-4.

105. Yuan X, Waterworth D, Perry JR, Lim N, Song K, Chambers JC, et al. Population-
based genome-wide association studies reveal six loci influencing plasma levels of
liver enzymes. Am J Hum Genet. 2008;83(4):520-8.

106. Krawczyk M, Gruenhage F, Mahler M, Tirziu S, Acalovschi M, Lammert F. The
common adiponutrin variant p.I148M does not confer gallstone risk but affects fasting
glucose and triglyceride levels. J Physiol Pharmacol. 2011;62(3):369-75.

107. Carr MC, Brunzell JD. Abdominal obesity and dyslipidemia in the metabolic syndrome:
importance of type 2 diabetes and familial combined hyperlipidemia in coronary artery
disease risk. The Journal of clinical endocrinology and metabolism. 2004;89(6):2601-
7.

108. Rutti S, Ehses JA, Sibler RA, Prazak R, Rohrer L, Georgopoulos S, et al. Low- and
high-density lipoproteins modulate function, apoptosis, and proliferation of primary
human and murine pancreatic beta-cells. Endocrinology. 2009;150(10):4521-30.



British Journal of Medicine & Medical Research, 4(2): 590-620, 2014

615

109. Kruit JK, Kremer PH, Dai L, Tang R, Ruddle P, de Haan W, et al. Cholesterol efflux via
ATP-binding cassette transporter A1 (ABCA1) and cholesterol uptake via the LDL
receptor influences cholesterol-induced impairment of beta cell function in mice.
Diabetologia. 2010;53(6):1110-9.

110. Hao M, Bogan JS. Cholesterol regulates glucose-stimulated insulin secretion through
phosphatidylinositol 4,5-bisphosphate. J Biol Chem. 2009;284(43):29489-98.

111. Briaud I, Harmon JS, Kelpe CL, Segu VB, Poitout V. Lipotoxicity of the pancreatic
beta-cell is associated with glucose-dependent esterification of fatty acids into neutral
lipids. Diabetes. 2001;50(2):315-21.

112. Lim SY, Ha HS, Kwon HS, Lee JH, Yim HW, Yoon KH, et al. Factors Associated with
Insulin Resistance in a Middle-Aged Non-Obese Rural Population: The Chungju
Metabolic Disease Cohort (CMC) Study. Epidemiology and health. 2011;33:e2011009.

113. Musso C, Graffigna M, Soutelo J, Honfi M, Ledesma L, Miksztowicz V, et al.
Cardiometabolic risk factors as apolipoprotein B, triglyceride/HDL-cholesterol ratio and
C-reactive protein, in adolescents with and without obesity: cross-sectional study in
middle class suburban children. Pediatr Diabetes. 2011;12(3 Pt 2):229-34.

114. Alvarez Caro F, Diaz Martin JJ, Riano Galan I, Perez Solis D, Venta Obaya R, Malaga
Guerrero S. [Classic and emergent cardiovascular risk factors in schoolchildren in
Asturias]. Anales de pediatria. 2011;74(6):388-95.

115. Hunter SM, Frerichs RR, Webber LS, Berenson GS. Social status and cardiovascular
disease risk factor variables in children: the Bogalusa Heart Study. Journal of Chronic
Diseases. 1979;32(6):441-9.

116. Chen M, Breslow JL, Li W, Leff T. Transcriptional regulation of the apoC-III gene by
insulin in diabetic mice: correlation with changes in plasma triglyceride levels. J Lipid
Res. 1994;35(11):1918-24.

117. Blackett PR, Blevins KS, Quintana E, Stoddart M, Wang W, Alaupovic P, et al. ApoC-
III bound to apoB-containing lipoproteins increase with insulin resistance in Cherokee
Indian youth. Metabolism: Clinical and Experimental. 2005;54(2):180-7.

118. Li WW, Dammerman MM, Smith JD, Metzger S, Breslow JL, Leff T. Common genetic
variation in the promoter of the human apo CIII gene abolishes regulation by insulin
and may contribute to hypertriglyceridemia. J Clin Invest. 1995;96(6):2601-5.

119. Mendivil CO, Rimm EB, Furtado J, Chiuve SE, Sacks FM. Low-density lipoproteins
containing apolipoprotein C-III and the risk of coronary heart disease. Circulation.
2011;124(19):2065-72.

120. Jensen MK, Rimm EB, Furtado JD, Sacks FM. Apolipoprotein C-III as a Potential
Modulator of the Association Between HDL-Cholesterol and Incident Coronary Heart
Disease. J Am Heart Assoc. 2012;1(2): jah3-e000232 (published on line).

121. Onat A, Hergenc G, Ayhan E, Ugur M, Kaya H, Tuncer M, et al. Serum apolipoprotein
C-III in high-density lipoprotein: a key diabetogenic risk factor in Turks. Diabet Med.
2009;26(10):981-8.

122. Blackett PR, Khan S, Wang W, Alaupovic P, Lee ET. Sex differences in HDL ApoC-III
in American Indian youth. Biol Sex Differ. 2012;3(1):18.

123. Dallongeville J, Meirhaeghe A, Cottel D, Fruchart JC, Amouyel P, Helbecque N.
Polymorphisms in the insulin response element of APOC-III gene promoter influence
the correlation between insulin and triglycerides or triglyceride-rich lipoproteins in
humans. Int J Obes Relat Metab Disord. 2001;25(7):1012-7.

124. Kathiresan S, Melander O, Guiducci C, Surti A, Burtt NP, Rieder MJ, et al. Six new loci
associated with blood low-density lipoprotein cholesterol, high-density lipoprotein
cholesterol or triglycerides in humans. Nat Genet. 2008;40(2):189-97.



British Journal of Medicine & Medical Research, 4(2): 590-620, 2014

616

125. Snieder H, van Doornen LJ, Boomsma DI. Dissecting the genetic architecture of lipids,
lipoproteins, and apolipoproteins: lessons from twin studies. Arterioscler Thromb Vasc
Biol. 1999;19(12):2826-34.

126. Vaziri ND. Dyslipidemia of chronic renal failure: the nature, mechanisms, and potential
consequences. American Journal of Physiology Renal Physiology. 2006;290(2):F262-
72.

127. Qin S, Kawano K, Bruce C, Lin M, Bisgaier C, Tall AR, et al. Phospholipid transfer
protein gene knock-out mice have low high density lipoprotein levels, due to
hypercatabolism, and accumulate apoA-IV-rich lamellar lipoproteins. J Lipid Res.
2000;41(2):269-76.

128. Larsen TM, Toubro S, van Baak MA, Gottesdiener KM, Larson P, Saris WH, et al.
Effect of a 28-d treatment with L-796568, a novel beta(3)-adrenergic receptor agonist,
on energy expenditure and body composition in obese men. Am J Clin Nutr.
2002;76(4):780-8.

129. Posadas Romero C. [Some physiopathologic features of metabolic syndrome].
Archivos de cardiologia de Mexico. 2007;77(Suppl-4):S4-42-7.

130. Le Goff W, Guerin M, Chapman MJ. Pharmacological modulation of cholesteryl ester
transfer protein, a new therapeutic target in atherogenic dyslipidemia. Pharmacology &
Therapeutics. 2004;101(1):17-38.

131. Alaupovic P, Blackett P, Wang W, Lee E. Characterization of the metabolic syndrome
by apolipoproteins in the Oklahoma Cherokee. Journal of the Cardiometabolic
Syndrome. 2008;3(4):193-9.

132. Sakai N, Yamashita S, Hirano K, Ishigami M, Arai T, Kobayashi K, et al. Decreased
affinity of low density lipoprotein (LDL) particles for LDL receptors in patients with
cholesteryl ester transfer protein deficiency. Eur J Clin Invest. 1995;25(5):332-9.

133. Joy T, Hegele RA. The end of the road for CETP inhibitors after torcetrapib? Current
Opinion in Cardiology. 2009;24(4):364-71.

134. Kruit JK, Brunham LR, Verchere CB, Hayden MR. HDL and LDL cholesterol
significantly influence beta-cell function in type 2 diabetes mellitus. Current opinion in
lipidology. 2010;21(3):178-85.

135. Thompson A, Di Angelantonio E, Sarwar N, Erqou S, Saleheen D, Dullaart RP, et al.
Association of cholesteryl ester transfer protein genotypes with CETP mass and
activity, lipid levels, and coronary risk. Jama. 2008;299(23):2777-88.

136. Nagano M, Yamashita S, Hirano K, Kujiraoka T, Ito M, Sagehashi Y, et al. Point
mutation (-69 G-->A) in the promoter region of cholesteryl ester transfer protein gene
in Japanese hyperalphalipoproteinemic subjects. Arterioscler Thromb Vasc Biol.
2001;21(6):985-90.

137. Bochem AE, Kuivenhoven JA, Stroes ES. The promise of Cholesteryl Ester Transfer
Protein (CETP) inhibition in the treatment of cardiovascular disease. Curr Pharm Des.
2013;19(17):3143-9.

138. Yilmaz H, Isbir T, Agachan B, Karaali ZE. Effects of cholesterol ester transfer protein
Taq1B gene polymorphism on serum lipoprotein levels in Turkish coronary artery
disease patients. Cell Biochemistry and Function. 2005;23(1):23-8.

139. Padmaja N, Ravindra Kumar M, Soya SS, Adithan C. Common variants of Cholesteryl
ester transfer protein gene and their association with lipid parameters in healthy
volunteers of Tamilian population. Clin Chim Acta. 2007;375(1-2):140-6.

140. Rhyne J, Ryan MJ, White C, Chimonas T, Miller M. The two novel CETP mutations
Gln87X and Gln165X in a compound heterozygous state are associated with marked
hyperalphalipoproteinemia and absence of significant coronary artery disease. J Mol
Med (Berl). 2006;84(8):647-50.



British Journal of Medicine & Medical Research, 4(2): 590-620, 2014

617

141. Bruce CJ, Nishimura RA. Newer advances in the diagnosis and treatment of mitral
stenosis. Current problems in cardiology. 1998;23(3):125-92.

142. Vasan RS, Pencina MJ, Robins SJ, Zachariah JP, Kaur G, D'Agostino RB, et al.
Association of circulating cholesteryl ester transfer protein activity with incidence of
cardiovascular disease in the community. Circulation. 2009;120(24):2414-20.

143. Willer CJ, Sanna S, Jackson AU, Scuteri A, Bonnycastle LL, Clarke R, et al. Newly
identified loci that influence lipid concentrations and risk of coronary artery disease.
Nat Genet. 2008;40(2):161-9.

144. Hegele RA. Plasma lipoproteins: genetic influences and clinical implications. Nat Rev
Genet. 2009;10(2):109-21.

145. Sanghera DK, Bhatti JS, Bhatti GK, Ralhan SK, Wander GS, Singh JR, et al. The
Khatri Sikh Diabetes Study (SDS): study design, methodology, sample collection, and
initial results. Hum Biol. 2006;78(1):43-63.

146. Schierer A, Been L, Ralhan S, Wander G, Aston C, Sanghera D. Genetic variation in
cholesterol ester transfer protein (CETP), serum CETP activity, and coronary artery
disease risk in Asian Indian diabetic cohort. Pharmacogenet Genomics; 2011.

147. Sanghera DK, Nath SK, Ortega L, Gambarelli M, Kim-Howard X, Singh JR, et al.
TCF7L2 polymorphisms are associated with type 2 diabetes in Khatri Sikhs from North
India: genetic variation affects lipid levels. Annals of human genetics. 2008;72(Pt
4):499-509.

148. Been LF, Ralhan S, Wander GS, Mehra NK, Singh J, Mulvihill JJ, et al. Variants in
KCNQ1 increase type II diabetes susceptibility in South Asians: a study of 3,310
subjects from India and the US. BMC Med Genet. 2011; doi: 10.1186/1471-2350-12-
18 (Published on line).

149. Sanghera DK, Ortega L, Han S, Singh J, Ralhan SK, Wander GS, et al. Impact of nine
common type 2 diabetes risk polymorphisms in Asian Indian Sikhs: PPARG2
(Pro12Ala), IGF2BP2, TCF7L2 and FTO variants confer a significant risk. BMC Med
Genet. 2008;9:59.

150. Sanghera DK, Been LF, Ralhan S, Wander GS, Mehra NK, Singh JR, et al. Genome-
wide linkage scan to identify Loci associated with type 2 diabetes and blood lipid
phenotypes in the Sikh diabetes study. PLoS One. 2011;6(6):e21188. doi:
10.1371/journal.pone.0021188 (published on line).

151. Hopkins PN, Hunt SC. Genetics of hypertension. Genet Med. 2003;5(6):413-29.
152. Reaven GM. Insulin resistance: the link between obesity and cardiovascular disease.

The Medical Clinics of North America. 2011;95(5):875-92.
153. Cooper SA, Whaley-Connell A, Habibi J, Wei Y, Lastra G, Manrique C, et al. Renin-

angiotensin-aldosterone system and oxidative stress in cardiovascular insulin
resistance. Am J Physiol Heart Circ Physiol. 2007;293(4):H2009-23.

154. Richey JM, Ader M, Moore D, Bergman RN. Angiotensin II induces insulin resistance
independent of changes in interstitial insulin. Am J Physiol. 1999;277(5 Pt 1):E920-6.

155. Ogihara T, Asano T, Ando K, Chiba Y, Sakoda H, Anai M, et al. Angiotensin II-induced
insulin resistance is associated with enhanced insulin signaling. Hypertension.
2002;40(6):872-9.

156. Sloniger JA, Saengsirisuwan V, Diehl CJ, Dokken BB, Lailerd N, Lemieux AM, et al.
Defective insulin signaling in skeletal muscle of the hypertensive TG(mREN2)27 rat.
Am J Physiol Endocrinol Metab. 2005;288(6):E1074-81.

157. Sloniger JA, Saengsirisuwan V, Diehl CJ, Kim JS, Henriksen EJ. Selective angiotensin
II receptor antagonism enhances whole-body insulin sensitivity and muscle glucose
transport in hypertensive TG(mREN2)27 rats. Metabolism. 2005;54(12):1659-68.



British Journal of Medicine & Medical Research, 4(2): 590-620, 2014

618

158. Henriksen EJ, Jacob S, Kinnick TR, Teachey MK, Krekler M. Selective angiotensin II
receptor antagonism reduces insulin resistance in obese Zucker rats. Hypertension.
2001;38(4):884-90.

159. Norton GR, Brooksbank R, Woodiwiss AJ. Gene variants of the renin-angiotensin
system and hypertension: from a trough of disillusionment to a welcome phase of
enlightenment? Clin Sci (Lond). 2010;118(8):487-506.

160. Conen D, Glynn RJ, Buring JE, Ridker PM, Zee RY. Renin-angiotensin and
endothelial nitric oxide synthase gene polymorphisms are not associated with the risk
of incident type 2 diabetes mellitus: a prospective cohort study. J Intern Med.
2008;263(4):376-85.

161. Hsiao CF, Sheu WW, Hung YJ, Lin MW, Curb D, Ranadex K, et al. The effects of the
renin-angiotensin-aldosterone system gene polymorphisms on insulin resistance in
hypertensive families. J Renin Angiotensin Aldosterone Syst. 2012;13(4):446-54.

162. Mehri S, Koubaa N, Hammami S, Mahjoub S, Chaaba R, Nakbi A, et al. Genotypic
interactions of renin-angiotensin system genes with diabetes type 2 in a Tunisian
population. Life Sci. 2010;87(1-2):49-54.

163. Hertz RP, Unger AN, Cornell JA, Saunders E. Racial disparities in hypertension
prevalence, awareness, and management. Arch Intern Med. 2005;165(18):2098-104.

164. Cutler JA, Sorlie PD, Wolz M, Thom T, Fields LE, Roccella EJ. Trends in hypertension
prevalence, awareness, treatment, and control rates in United States adults between
1988-1994 and 1999-2004. Hypertension. 2008;52(5):818-27.

165. Fox ER, Young JH, Li Y, Dreisbach AW, Keating BJ, Musani SK, et al. Association of
genetic variation with systolic and diastolic blood pressure among African Americans:
the Candidate Gene Association Resource study. Hum Mol Genet. 2011;20(11):2273-
84.

166. Tobin MD, Tomaszewski M, Braund PS, Hajat C, Raleigh SM, Palmer TM, et al.
Common variants in genes underlying monogenic hypertension and hypotension and
blood pressure in the general population. Hypertension. 2008;51(6):1658-64.

167. Tobin MD, Timpson NJ, Wain LV, Ring S, Jones LR, Emmett PM, et al. Common
variation in the WNK1 gene and blood pressure in childhood: the Avon Longitudinal
Study of Parents and Children. Hypertension. 2008;52(5):974-9.

168. Ehret GB, Munroe PB, Rice KM, Bochud M, Johnson AD, Chasman DI, et al. Genetic
variants in novel pathways influence blood pressure and cardiovascular disease risk.
Nature. 2011;478(7367):103-9.

169. The Expert Committee of the Diagnosis and Classification of Diabetes Mellitus
Diabetes Care. 2000;23(Suppl-1):S4-19.

170. Knowler WC, Barrett-Connor E, Fowler SE, Hamman RF, Lachin JM, Walker EA, et al.
Reduction in the incidence of type 2 diabetes with lifestyle intervention or metformin. N
Engl J Med. 2002;346(6):393-403.

171. Succurro E, Marini MA, Arturi F, Grembiale A, Fiorentino TV, Andreozzi F, et al.
Usefulness of hemoglobin A1c as a criterion to define the metabolic syndrome in a
cohort of italian nondiabetic white subjects. The American Journal of Cardiology.
2011;107(11):1650-5.

172. Ko GT, Chan JC, Tsang LW, Cockram CS. Combined use of fasting plasma glucose
and HbA1c predicts the progression to diabetes in Chinese subjects. Diabetes Care.
2000;23(12):1770-3.

173. Osei K, Rhinesmith S, Gaillard T, Schuster D. Is glycosylated hemoglobin A1c a
surrogate for metabolic syndrome in nondiabetic, first-degree relatives of African-
American patients with type 2 diabetes? The Journal of Clinical Endocrinology and
Metabolism. 2003;88(10):4596-601.



British Journal of Medicine & Medical Research, 4(2): 590-620, 2014

619

174. Li P, Jiang R, Li L, Li X, Liu C, Xu W, et al. Usefulness of Hemoglobin A1c as a
Criterion to Define Metabolic Syndrome in Nondiabetic Chinese Adolescents. J
Investig Med; 2013.

175. Unwin N, Shaw J, Zimmet P, Alberti KG. Impaired glucose tolerance and impaired
fasting glycaemia: the current status on definition and intervention. Diabet Med.
2002;19(9):708-23.

176. Basu R, Barosa C, Jones J, Dube S, Carter R, Basu A, et al. Pathogenesis of
Prediabetes: Role of the Liver in Isolated Fasting Hyperglycemia and Combined
Fasting and Postprandial Hyperglycemia. The Journal of Clinical Endocrinology and
Metabolism. 2013. 98(3):E409-17.

177. Bock G, Chittilapilly E, Basu R, Toffolo G, Cobelli C, Chandramouli V, et al.
Contribution of hepatic and extrahepatic insulin resistance to the pathogenesis of
impaired fasting glucose: role of increased rates of gluconeogenesis. Diabetes.
2007;56(6):1703-11.

178. Yun JW, Cho YK, Park JH, Kim HJ, Park DI, Sohn CI, et al. Abnormal glucose
tolerance in young male patients with nonalcoholic fatty liver disease. Liver Int.
2009;29(4):525-9.

179. Chon CW, Kim BS, Cho YK, Sung KC, Bae JC, Kim TW, et al. Effect of nonalcoholic
Fatty liver disease on the development of type 2 diabetes in nonobese, nondiabetic
korean men. Gut Liver. 2012;6(3):368-73.

180. Zhou X, Wang Y, Zhang Y, Gao P, Zhu D. Association of CAPN10 gene with insulin
sensitivity, glucose tolerance and renal function in essential hypertensive patients. Clin
Chim Acta. 2010;411(15-16):1126-31.

181. Wang Y, Zhou XO, Zhang Y, Gao PJ, Zhu DL. Association of the CD36 gene with
impaired glucose tolerance, impaired fasting glucose, type-2 diabetes, and lipid
metabolism in essential hypertensive patients. Genet Mol Res. 2012;11(3):2163-70.

182. Bo S, Cassader M, Cavallo-Perin P, Durazzo M, Rosato R, Gambino R. The rs553668
polymorphism of the ADRA2A gene predicts the worsening of fasting glucose values
in a cohort of subjects without diabetes. A population-based study. Diabet Med.
2012;29(4):549-52.

183. Takeuchi F, Katsuya T, Chakrewarthy S, Yamamoto K, Fujioka A, Serizawa M, et al.
Common variants at the GCK, GCKR, G6PC2-ABCB11 and MTNR1B loci are
associated with fasting glucose in two Asian populations. Diabetologia.
2010;53(2):299-308.

184. Reiling E, van 't Riet E, Groenewoud MJ, Welschen LM, van Hove EC, Nijpels G, et al.
Combined effects of single-nucleotide polymorphisms in GCK, GCKR, G6PC2 and
MTNR1B on fasting plasma glucose and type 2 diabetes risk. Diabetologia.
2009;52(9):1866-70.

185. Chen WM, Erdos MR, Jackson AU, Saxena R, Sanna S, Silver KD, et al. Variations in
the G6PC2/ABCB11 genomic region are associated with fasting glucose levels. J Clin
Invest. 2008;118(7):2620-8.

186. Dupuis J, Langenberg C, Prokopenko I, Saxena R, Soranzo N, Jackson AU, et al.
New genetic loci implicated in fasting glucose homeostasis and their impact on type 2
diabetes risk. Nat Genet. 2010;42(2):105-16.

187. Saxena R, Hivert MF, Langenberg C, Tanaka T, Pankow JS, Vollenweider P, et al.
Genetic variation in GIPR influences the glucose and insulin responses to an oral
glucose challenge. Nat Genet. 2010;42(2):142-8.

188. Bonnefond A, Froguel P, Vaxillaire M. The emerging genetics of type 2 diabetes.
Trends Mol Med. 2010;16(9):407-16.



British Journal of Medicine & Medical Research, 4(2): 590-620, 2014

620

189. Pinhas-Hamiel O, Dolan LM, Daniels SR, Standiford D, Khoury PR, Zeitler P.
Increased incidence of non-insulin-dependent diabetes mellitus among adolescents. J
Pediatr. 1996;128(5 Pt 1):608-15.

190. Juhola J, Magnussen CG, Viikari JS, Kahonen M, Hutri-Kahonen N, Jula A, et al.
Tracking of serum lipid levels, blood pressure, and body mass index from childhood to
adulthood: the Cardiovascular Risk in Young Finns Study. J Pediatr. 2011;159(4):584-
90.

191. Ford ES, Schulze MB, Pischon T, Bergmann MM, Joost HG, Boeing H. Metabolic
syndrome and risk of incident diabetes: findings from the European Prospective
Investigation into Cancer and Nutrition-Potsdam Study. Cardiovascular Diabetology.
2008;7:35.

192. Salazar MR, Carbajal HA, Espeche WG, Dulbecco CA, Aizpurua M, Marillet AG, et al.
Relationships among insulin resistance, obesity, diagnosis of the metabolic syndrome
and cardio-metabolic risk. Diab Vasc Dis Res. 2011;8(2):109-16.

193. Isomaa B, Almgren P, Tuomi T, Forsen B, Lahti K, Nissen M, et al. Cardiovascular
morbidity and mortality associated with the metabolic syndrome. Diabetes Care.
2001;24(4):683-9.

194. Xiang Y, Huang G, Zhou W, Che Z, Zhou P, Zhou Z. Prevalence of metabolic
syndrome (MetS) in Chinese subjects gradually increased with impaired glucose
homeostasis: a multicenter, clinical based, cross-sectional study. BMC Public Health.
2012;12:675.

195. Doria A, Patti ME, Kahn CR. The emerging genetic architecture of type 2 diabetes.
Cell Metab. 2008;8(3):186-200.

196. Bruning JC, Winnay J, Bonner-Weir S, Taylor SI, Accili D, Kahn CR. Development of a
novel polygenic model of NIDDM in mice heterozygous for IR and IRS-1 null alleles.
Cell. 1997;88(4):561-72.

197. Classification and diagnosis of diabetes mellitus and other categories of glucose
intolerance. National Diabetes Data Group. Diabetes. 1979;28(12):1039-57.

198. Report of the Expert Committee on the Diagnosis and Classification of Diabetes
Mellitus. Diabetes Care. 1997;20(7):1183-97.

199. Saudek CD, Herman WH, Sacks DB, Bergenstal RM, Edelman D, Davidson MB. A
new look at screening and diagnosing diabetes mellitus. The Journal of Clinical
Endocrinology and Metabolism. 2008;93(7):2447-53.

200. Herman WH, Fajans SS. Hemoglobin A1c for the diagnosis of diabetes: practical
considerations. Pol Arch Med Wewn. 2010;120(1-2):37-40.

201. Schafer SA, Machicao F, Fritsche A, Haring HU, Kantartzis K. New type 2 diabetes
risk genes provide new insights in insulin secretion mechanisms. Diabetes Res Clin
Pract. 2011;93(Suppl-1):S9-24.

202. De Silva NM, Frayling TM. Novel biological insights emerging from genetic studies of
type 2 diabetes and related metabolic traits. Curr Opin Lipidol. 2010;21(1):44-50.

© 2014 Blackett and Sanghera et al.; This is an Open Access article distributed under the terms of the Creative
Commons Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
distribution, and reproduction in any medium, provided the original work is properly cited.

Peer-review history:
The peer review history for this paper can be accessed here:

http://www.sciencedomain.org/review-history.php?iid=298&id=12&aid=2282


